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1 Introduction 

Ethiopia is experiencing rapid urbanisation, with its urban population projected to increase 

from 21% in 2018 to surpass 39% of the total population by 2050 (UNDESA, 2018). Addis 

Ababa, the country’s bustling capital, embodies a stark paradox: while it is celebrated for its 

economic growth and development strides, the city grapples with persistent poverty, which 

is particularly concentrated within its inner-city neighbourhoods. Despite economic growth, 

employment opportunities, particularly for young people, have not kept pace, leading to high 

rates of youth unemployment and a persistent challenge of urban poverty. Alarmingly, Addis 

Ababa's poverty rate, which was 17.8% in 2016, rose to 24% by 2022, impacting a significant 

portion of the nation's urban poor (UNDP 2022). This reversal reflects the severe impact of 

inflation, unemployment and multiple crises on the capital’s urban poor. Young people, 

particularly those aged 15–29, face the highest unemployment rate, at 31.7 %, with young 

women experiencing even greater challenges in securing employment than young men (CSA, 

2020). This employment disparity underscores the urgent need to address the complex 

factors contributing to youth poverty in urban Ethiopia, particularly in rapidly growing cities 

like Addis Ababa. 

Inner-city youth in Addis Ababa face a particularly challenging environment. Factors such as 

limited access to quality education, vocational training, and financial services compound the 

obstacles they encounter in seeking pathways out of poverty (Woldehanna et al., 2008; 

Tolossa, 2010). Understanding the complexities of poverty in urban environments requires 

moving beyond individual-level explanations and recognising the powerful influence of 

social and economic structures. In other words, there is a need for a deeper investigation 

into the multifaceted causes of urban poverty, specifically examining how access to 

education, employment opportunities, and social capital intersect to create barriers for youth 

seeking to improve their economic circumstances. Similar patterns to those in Addis Ababa 

have been observed in Bangladesh (Kam et al., 2005), Indonesia (Ari et al., 2021), and other 

developing country contexts.  

Prior studies in urban Ethiopia have addressed various aspect of urban poverty, including the 

role of access to services (Gebretsadik, 2023), urban livelihoods (Yirga, 2021), housing and 

poverty (Mekonen, 2022), and childhood poverty (Belete, 2021). However, there is limited 

research that has specifically focused on how the interplay of social networks and these 

factors uniquely affects the inner-city youth demographic, and which offers a 

comprehensive understanding of their experiences and challenges. 

Poverty and its associated challenges pose significant barriers to the well-being and 

development of youth living in urban areas of sub-Saharan Africa (Filmer and Fox, 2014). 

Efforts to understand and mitigate these barriers require a multifaceted approach that 

considers not only economic aspects but also the intricate social dynamics and 

infrastructural limitations that influence youth opportunities and livelihoods in these 

settings. Given the complexities of urban poverty, it is essential to analyse both the social 
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infrastructures as well as the neighbourhood connections that can either constrain or 

facilitate pathways out of poverty (such as employment) for these youth populations (Ari et 

al., 2021).  

By employing a network analysis framework, this study aims to identify the critical pathways 

and connections that can empower inner-city youth in Addis Ababa, revealing how social 

networks influence their chances of overcoming poverty through employment opportunities 

and higher earnings. Unlike conventional employment and poverty-related studies that 

primarily focus on individual characteristics, such as education or skills, or on labour market 

conditions, a network perspective captures how interpersonal ties, household relationships, 

community connections and institutional linkages facilitate or constrain access to jobs and 

income-generating opportunities. This perspective is particularly relevant in Addis Ababa, 

where employment opportunities are often mediated through informal social networks, 

personal referrals, and family or community connections (Mohammed Shuker, 2024; IGC, 

2025; De Regt and Mihret, 2020; Nkula-Wenz and Waeterloos, 2022). Such an analysis will 

provide more nuanced insights into the roles of household dynamics, community ties, and 

resource accessibility, which are crucial for understanding the broader context of youth 

employment and poverty alleviation strategies in the Sub-Saharan African region  (Lin, 2001; 

Putnam, 2000; Filmer and Fox, 2014).  

1.1 Objectives of the research project 

1.1.1 General objective  

This study investigates the effect of social networks on poverty alleviation among inner-city 

youth in Addis Ababa. 

1.1.2 Specific objectives 

• Map the existing social network structures, focusing on various ties, such as family ties 

(immediate and extended), friendship ties (within and outside the community), 

institutional connections (non-government organisations (NGOs) and local government), 

and professional networks (mentors, employers, or colleagues). Social network metrics, 

such as network density, centrality, and clustering, will be used to analyse these 

networks.  

• Investigate the relationship between social network metrics and youth income in inner-

city Addis Ababa. 

• Evaluate the relationship between social network metrics and employment among inner-

city youth in Addis Ababa. 

• Provide policy recommendations (based on the paper’s social network analysis) for 

ways to alleviate youth poverty in Addis Ababa.  



LEVERAGING SOCIAL NETWORKS FOR POVERTY REDUCTION: INSIGHTS FROM INNER-CITY YOUTH IN ADDIS ABABA 

© Data & Evidence to End Extreme Poverty  3 

2 Literature review 

2.1 The evolution of the concept of social capital 

The concept of social capital is an old one, tracing back to such concepts as civicness and 

civic engagement (van Bakel and Horak, 2024). The term was used with its current 

connotation as early as 1867, when Karl Marx wrote about social interconnections within 

economic systems, and in 1900 when John Dewey wrote about the resources of the 

community in relation to education  . One of the first explicit references to social capital in 

relation to social cohesion was in a 1916 article by L.J. Hanifan on support provided to rural 

schools, which talked of community involvement as a valuable resource. According to 

Tsounis and Xanthopoulou (2024), the development of the concept of social capital 

developed can be divided into three different periods. The original period was between 1900 

and 1980. During this period, the original ideas relating to the concept were formulated, but 

they were dispersed across different disciplines, including sociology and education. The 

next period was between the 1980s and 1990s. During this period, a more rigorous approach 

to the concept was applied by such influential theorists as Pierre Bourdieu (1986), James 

Coleman (1988), and Robert Putnam (1995). Adam and Rončević (2003) have called such 

theorists the fathers of social capital due to their huge contribution to establishing the 

concept. The last period started in the 1990s and is still ongoing at the time of writing. In 

this period, researchers have been interested in defining the concept, understanding how it 

has contributed to their areas of expertise, and finding a scientific way of measuring it 

(Tsounis and Xanthopoulou, 2024).  

The reason social capital has received the acceptance it rightly deserves since its inception 

is because it has a clear sociological background, as argued by Adam and Rončević (2003), 

and because it has been embraced by other disciplines within the social sciences. It has 

been used in economics, political science, and even in public health due to its 

interdisciplinary nature, and due to the fact that it can be used to explain such diverse 

phenomena as community resilience and economic development. International 

organisations like the Organisation for Economic Co-operation and Development (OECD) 

and the World Bank have provided structures for defining and measuring the dimensions of 

social capital (Tsounis and Xanthopoulou, 2024), such as the structural (networks), 

relational (trust), and cognitive (shared norms) aspects of social capital, which have been 

applied in global policy agendas. 

2.1.1 The conceptualisation of social capital: three approaches 

A majority of authors concur that there are three key methods for defining social capital 

(Adam and Rončević, 2003). The first is based on the method suggested by Pierre Bourdieu. 

Bourdieu (1986), a sociologist, identified three forms of capital manifestation: economic, 

cultural, and social. According to him, social capital is: 
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‘the aggregate of the actual or potential resources which are linked to possession of 

a durable network of more or less institutionalized relationships of mutual 

acquaintance and recognition—or in other words, to membership in a group—which 

provides each of its members with the backing of the collectively owned capital, a 

“credential” which entitles them to credit, in the various senses of the word.’ 

(Bourdieu, 1986, p. 21) 

Bourdieu’s framework highlights the continuation of inequality as a result of social capital, 

since access to networks is frequently linked to class and cultural capital, restricting the 

mobility of poorer social groups. Ethnographic studies in Ethiopia, and especially in Addis 

Ababa, constantly confirm Bourdieu’s claim that social capital is not equally distributed and 

that it is a process of social reproduction, as opposed to a neutral resource. A recent field 

study by Witte (2025), carried out in a large Addis Ababa company, shows that job referrals 

are mainly based on mutual loyalties and in-group memberships, instead of merit, which 

supports already existing disparities in access to labour markets (Witte, 2025). To 

supplement this, studies by the International Growth Centre (IGC) labour market cluster 

(2025) demonstrate that social ties, including popularity and embeddedness in kebele-level 

networks, are an important determinant of employment, usually more than formal 

qualification or skills (Tewodros, 2025; Quinn and Witte, 2018). These results show that 

access to networks plays a key role in mediating the employment of urban youth in Ethiopia, 

generating structural impediments to less-connected groups, such as migrants and low-

skilled workers, and reproducing inequalities based on classes, in line with Bourdieu’s 

understanding.  

The second method for defining social capital is based on the works of James Coleman, a 

sociologist influenced by economic analysis  (Adam and Rončević, 2003). Coleman (1988) 

suggested: 

‘The social capital is described in terms of its role. It is not identified as one but a mix 

of dissimilar entities, and two components are shared between them: they all 

comprise some constituent of social structures, and they enable some actions of 

actors – either persons or corporate actors – within the structure.’ (Coleman, 1988, 

p. S98) 

Coleman’s perspective underlines the practical aspect of social capital in such contexts  as 

the family and education, where social capital can be used to mobilise resources and can 

act in a unified way to benefit individuals. 

The third method for defining social capital is based on the definition provided by Putnam. 

According to Putnam (1993, p.167), social capital can be defined as the features of a social 

organisation, which can be in the form of trust, norms and networks, which can enhance the 

efficiency of a society by enabling coordinated actions. Social capital, according to Putnam, 

is a public good that is related to civic engagement (which, as he argues in his book Bowling 

Alone (2000), is decline in contemporary society.  (2000). 
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These methods for defining social capital continue to be used in modern arguments about 

the concept, with some observers considering that Bourdieu’s approach is more 

individualist, Coleman’s more functionalist, and Putnam’s more communitarian. Putnam has 

applied his communitarian prism to digital and kinship networks supporting youth 

livelihoods in Ethiopia in the face of multidimensional poverty (UNICEF, 2025; Mohammed 

Shuker, 2024). 

2.1.2  Social Network Analysis 

While the theory of networks has not received much theoretical attention until recently, there 

is already a significant body of theoretical literature on the concept of social relations and 

the shape they have assumed since the beginning of the twentieth century. The history of 

social network theory traces back to classical sociologists like Georg Simmel and Emile 

Durkheim, who are regarded as the first to have thought of society as a whole, rather than as 

a collection of individual people (Scott, 2012). 

Networks can be described as groups of actors who are interrelated and so create larger 

social structures. The theory of networks also focuses on relationships and their forms, as 

well as how actors are incorporated into a network, but not on individual characteristics like 

gender, race, or age, or the features of institutions (Gamper, 2022). 

In social network analysis, actors (individuals or groups) are denoted as nodes and their 

relationships with each other as edges. It is interested in the trends of the points and lines, 

and in experimenting with these trends mathematically or graphically to measure the effects 

of the trends on the actors or organisations which make up the elements of networks 

created by the connecting lines that bind them together. Social network analysis is a model 

based on graph theory that enables the quantitative analysis of network properties (Scott, 

2012). Latest applications in sub-Saharan Africa use social network analysis to create 

typologies of social networks that define poverty and access to health, with the aim of 

identifying marginalised networks (Mohammed Shuker, 2024; IGC, 2025). 

Gamper (2022) identifies two broad categories of social network theories: grand theories 

and middle-range theories. Grand theories include structural determinism, which holds that 

network structures forcefully limit action; structural instrumentalism, which is concerned 

with the exploitative use of networks; and structural constructivism, which views networks 

as constructed socially. They cannot be applied empirically due to their multiple coverages. 

Middle-range theories, on the other hand, can be tested and put into practice. There are 

many existing middle-range theories; they include strong and weak tie theory (Granovetter, 

1973); the theory of structural holes (Burt, 2004); the theory of homophile (the reason like-

minded actors interact); clique theory; and the theory of reciprocity. Theory of reciprocity, 

which has been applied to elucidate information dissemination and social support to the 

poor. Recent implementations in Ethiopia affirm the existence of weak ties that are 

maintained digitally ties through digital systems that boost job access by 3–12% in urban 

informal economies (IGC, 2025; Witte, 2025). 
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2.2 Mapping social network structures 

 Mapping social networks can help to identify how individuals and groups perform in various 

situations especially when exploring poverty and maturation of the youth. In Addis Ababa, a 

major source of bonding social capital is kinship and family networks, which offer the 

emotional, financial and practical resources necessary to survive in the informal economy. 

The economic shocks faced by youth who have migrated to urban areas from rural areas are 

alleviated by extended family members, who provide early housing, employment 

opportunities, and risk-sharing where shocks are encountered (Tilahun and Holden, 2023; 

Bezu and Holden, 2014). Studies of Ethiopian youth demonstrate that robust family ties are 

better predictors of the success of individuals migrating to Addis Ababa, such as in regard 

to obtaining first-time work, albeit with some ability to recreate the exclusion experienced in 

the rural area of origin among people with weak family ties (Mohammed Shuker, 2024; IGC, 

2025). 

Among inner-city youth in Addis Ababa, friendship groups and informal peer networks play a 

key role in maintaining horizontal bonds, allowing for the sharing of resources and social 

bonding. Peer groups support each other emotionally, exchange information about 

precarious jobs, and engage in coping together, in the face of unemployment, especially 

among rural migrants and informal workers (De Regt and Mihret, 2020). These groups affect 

educational attainment, risk behaviour, and resiliency in urban Ethiopia; moreover, social 

media enhances peer mobilisation towards socio-political and economic opportunities 

(Internews, 2023; Nkula-Wenz and Waeterloos, 2022). Nevertheless, peer homophily in 

selection of group members  may strengthen risky behaviour or marginalisation where 

networks do not provide bridging connections i to formal opportunities (Witte, 2025). 

The social network analysis context has theorised family networks as both predictors and 

outcomes, and as having an influence on the behaviour and well-being of individuals. In 

Ethiopia, kinship networks are likely to assist youth to move to urban centres like Addis 

Ababa that provide youth with initial housing and employment opportunities. 

Peer networks and friendship are also influential in creating social cohesion and trust, which 

are essential for mobilising communities and for people to work together. Granovetter 

(1973) discussed weak ties and argued that acquaintances are able to aid individuals to gain 

access to various resources and to information. Research conducted among youth shows 

that peer networks can affect academic performance and employment opportunities, 

creating a sphere in which youth can help one another. Such peer relationships are 

important in influencing young people’s behaviour during adolescence. Urban studies have 

shown that the socially constructed capital that is gained through friendships can be 

mitigate the impacts of socioeconomic issues (Putnam, 2000). Other studies indicate that 

teenagers are likely to choose their friends based on whether their risky behaviours are 

similar to their own. This implies that interventions should be conducted in a manner that 

allows friendships to be made. In sub-Saharan Africa, networks among peers, facilitated by 
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social media, mobilised youth  to change their socio-political lives to increase their 

resilience. 

Institutional networks, such as those involving NGOs, religious bodies, and government 

programmes, play a key role in offering organised assistance and resources. Such 

organisations are likely to close service delivery gaps, which help individuals to acquire 

access to education, healthcare, and jobs. Studies highlight the beneficial effects of the 

existence of these networks in building a community, in terms of creating cooperation and 

sharing resources (Edwards and Foley, 1998). Institutional relations within sub-Saharan 

Africa come in handy in mobilising resources for poverty alleviation and youth 

empowerment initiatives (Khan and Mavrotas, 2008). Email-based institutional network 

analysis can be used to identify the patterns and roles of communication within 

organisations, which can aid monitoring and performance measurement. The institutional 

networks through which vulnerable young people are targeted can be seen in programmes 

like Ethiopia’s Productive Safety Net Programme (PSNP), which are aimed at safeguarding 

vulnerable youth. 

2.2.1 Professional and mentorship relationships 

Professional and mentorship relationships play a significant role in regard to the sharing of 

skills and creating jobs, particularly in regard to youth entering the job market. According to 

research, mentorship can impact an individual’s career trajectory in a significant way, 

through the provision of mentorship and networking (Allen et al., 2004). Mentorship is a 

dynamic relationship in the workplace which involves two individuals promoting each other. 

These contacts may be used to promote social mobility, whereby people take advantage of 

their professional contacts to obtain improved job opportunities in an urban environment 

(Ng and Burke, 2005). Mentorship can be particularly beneficial in cases where the formal 

education systems is weak or not sufficiently financed. Mentorship and collaborative 

relationships in a public health network can be assessed using social network analysis. 

Such analysis makes it clear that such relations play an important role in professional 

development. In Ethiopia, mentorship programmes implemented by NGOs have been used to 

facilitate young people’s transition out of informal employment and into formal employment. 

2.2.2 Family and kinship 

In Ethiopia, empirical evidence shows that family and close-knit networks are the main 

networks through which resources circulate. In a qualitative investigation of the relationship 

between social capital and the use of health services Mengesha et al. (2023) discovered that 

family and community networks offer emotional, financial, and practical assistance, and 

help vulnerable individuals to manage their vulnerability and obtain the necessary services. 

Such networks are driven by collective resilience, and involve collective norms, trust, and 

reciprocity, which support vulnerable groups. 
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On the household and livelihood level, recent social network studies in Ethiopia corroborate 

that bonding relationships replace the lack of institutional support systems. Recent research 

on social networks and informal economies shows that access to resources, labour, and 

financial assistance is frequently integrated into close relational networks, especially where 

the formal mechanisms of the market and state are constrained (Abebe et al., 2019). This 

exists alongside wider results that show that social capital is an effective resource in the 

informal economy in Ethiopia. 

Notably, these kinship structures are incorporated into institutionally-culturally practised 

mutual aid. Although not confined to family, bonding capital is reinforced by institutions like 

Iddir, which extend the obligations of kinship across households. Recent data in Addis 

Ababa indicate that these kinds of systems are mutually supportive in crises (e.g. deaths, 

emergencies), and make individuals less vulnerable to financial risks through pooled funds 

(Melkamu et al., 2025). When combined, the literature suggests that in Addis Ababa, kinship 

networks are vital for livelihood maintenance, serving as shock absorbers, redistributive 

channels, and psychosocial support systems. For inner-city young people, these networks 

make up the initial level of social capital, which influences both survival and developmental 

pathways in the short term. 

2.2.3 Informal peer groups (horizontal ties) 

In Ethiopia, horizontal social capital, such as peer groups and other peer-like networks, has 

been found to facilitate youth mobility, solidarity, and self-employment outcomes 

(Weledehana et al., 2024). Such networks are defined by comparably equal-status 

relationships, which allow for the sharing of information, and for collaboration and group 

action (Weldehana et al., 2024). Ayalew and Andualem (2023) offer quantitative data 

showing that peer social capital plays a significant role in the well-being of youth. Their 

research concludes that peer relationships, which were measured in relation to 

companionship, trust, and mutual support, are significant mediators of positive emotional 

and behavioural outcomes, and interact with family networks. This implies that horizontal 

relationships are not subordinate to, but operate in parallel to other support systems, 

especially at the adolescent stage. 

Horizontal ties are further institutionalised through community-based associations. 

Melkamu et al. (2025) recognise Iddir as a key form of horizontal social capital in Addis 

Ababa. Participants contribute to a common pool, which they can use to help each other in 

the face of life events and crises. The authors highlight how Iddir offers affordable informal 

insurance, enhances social solidarity, and promotes emotional sustenance, particularly in 

low-income urban areas. Notably, being part of such networks goes beyond kinship lines: it 

contributes to forming larger social safety nets. 

In a similar manner, a more general study of social networks in Ethiopia points out that 

horizontal relationships allow for collective problem-solving, information sharing, and 

mobilisation of resources, which play a crucial role in informal economics (Abebe et al., 
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2019). These networks improve the capacity of people to recognise opportunities, spread 

risks, and organise activities, which is key to survival in precarious urban settings (Getahun 

and Odella, 2014) 

In addition, there is a strong association between horizontal social capital and a 

community’s norms and cohesion. Mengesha et al. (2023) demonstrate that involvement in 

local networks, including neighbourhood organisations, religious communities, and peer 

interactions, enhances trust, common values, and cooperation, which support mutual 

assistance and resilience. These results indicate that horizontal networks are a way of 

extending the scope of support beyond the household, which allows for wider types of social 

integration. 

At the same time, new evidence shows that these networks are themselves being 

transformed: changing socioeconomic conditions and urbanisation are transforming 

people’s engagement in conventional associations, which can undermine the horizontal 

relationships between younger generations (Melkamu et al., 2025). 

2.2.4 Metrics used in social network analysis 

In social network analysis, metrics such as density, centrality, and clustering offer valuable 

insights into the nature and dynamics of the social relationships within an organisation. 

Density shows the level of interconnection within a network and centrality shows important 

nodes which can easily transfer resources (Wasserman and Faust, 1994). Poverty and youth 

studies can be utilised alongside analyses of these metrics to illuminate the differences in 

social capital distribution across communities and to identify opportunities and inequalities 

which can be overcome (Lin, 2001). The results of urban research in sub-Saharan Africa 

indicate that there are major differences across different network structures, which affect 

the effectiveness of social support systems (Burt, 2000). New lines of research have also 

focused on identifying key influencers of, and potential barriers to, collaboration within 

communities, using social network analysis. 

Social networks are especially important in the realisation of social integration and 

marginalisation, especially in sub-Saharan Africa. Research indicates there are different 

network profiles: locally integrated, locally marginalised  . These types of networks dictate 

access to health resources and overall well-being. Studies show that social media can 

mobilise youth in sub-Saharan Africa, influencing them to work towards socio-political 

change. . Recent scoping reviews on the role of social networks in climate adaptation 

among smallholder farmers highlight gaps in how youth make use of such networks.  

2.2.5 The role of digital social networks  

Recent literature demonstrates that the rapid growth of digital connectivity is one of the 

most important factors affecting the development of networks of urban Ethiopian youth, 

employment, and informal economic activities (Data Reportal, 2025). The 2020s has seen an 

increased pace in smartphone and mobile internet proliferation, with cellular mobile 
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connections growing to 77.39 million (60.4%) by early 2024 and to 85.4 million (63.8% of the 

population) by early 2025 (Data Reportal, 2025). Mobile broadband services are now 

accessible to 94–98% of the population, with internet penetration among the population 

increasing 10-fold: from single-digit penetration a decade ago to 45–52.7% by 2025 based 

on government data (Data Reportal, 2025; Ethiopian Communications Authority, 2025). The 

rate of adoption is significantly greater in urban areas: cities had a penetration of internet 

use of about 42% in 2021 (compared to 9% in rural areas), with youth in cities such as Addis 

Ababa and secondary urban centres disproportionately benefitting because of the better 

infrastructure, affordability, and availability of devices (World Bank, 2023). By 2023, 

smartphone penetration was at 46% nationwide, primarily propelled by urban youth, in the 

context of  the government’s Digital Ethiopia 2030 plan (GSMA, 2024). 

This online development has transformed conventional youth networks, especially in regard 

to employment seeking. Telegram channels, Facebook, and Tik Tok are increasingly popular 

among urban Ethiopian youth as a method for announcing vacancies, networking, and 

applying for jobs.  In a study of urban unemployment in Somali Regional State (in towns 

such as Jigjiga, Degahbur, Kebridahar, Gode, and Dollo Ado) 63% of the urban youth who 

were surveyed were unemployed, although the odds of experiencing unemployment reduced 

dramatically in the presence of high levels of social networks, such as among those actively 

using social media to search for employment (Abdulahi, 2023). Other factors held constant, 

young people who had strong networks (connected to clan elders, officials, businessmen, 

friends, and active social media use) saw their chances of being unemployed reduced by 

45.4 times as compared to individuals who did not have such a network (Abdulahi, 2023). 

The same trends can be observed in Addis Ababa, where public employment services 

experiments including online vacancy information to access marginalised youth show that 

digital platforms typically complement but do not replace word-of-mouth networks 

(MasterCard, 2026). 

Digital technologies are also beginning to play a supporting role in informal trade and in the 

informal economy (which accounts for more than 85% of urban Ethiopian jobs), particularly 

when it comes to young people and women (World Bank, 2024). According to Ethiopian 

researchers, the informal sector, which is mostly characterised by street vending, petty 

trade, and services, is an important safety net for youth who have migrated to cities from 

rural areas; the connectivity associated with digital technology can enhance the integration 

of these practices into broader markets and decrease dependence on solely physical or kin-

based exchange. A study by Kebede (2022) highlights that informal employment absorbs 

most young urban migrants but has low productivity; In this context, the author concludes 

that digital payments  and social media marketing provide avenues towards small-scale 

formalisation and financial security. 

Most importantly, digital connectivity both circumvents and supports social divisions among 

youth networks. The classic constraints in Ethiopia – ethnic/clan affiliation, gender, class, 

and rural–urban boundaries – have traditionally limited job and trade opportunities to 



LEVERAGING SOCIAL NETWORKS FOR POVERTY REDUCTION: INSIGHTS FROM INNER-CITY YOUTH IN ADDIS ABABA 

© Data & Evidence to End Extreme Poverty  11 

localised, trust-based ones. These constraints are partly overcome by digital platforms, 

which help individuals to reach a broader, cheaper audience: through anonymous or group 

posting of job ads on Telegram/Facebook, informal traders with no collateral can connect 

across ethnic lines or geographical boundaries without intermediaries. Furthermore, mobile 

money reduces the barriers to entry faced by informal traders (Shega Digital Finance, 2025). 

Nonetheless, inequalities continue to be reinforced. Gender disparities remain acute: women 

have less access to the internet and poorer digital skills (usually more than 20 or more 

percentage points behind men), which reduces their options for using platforms to find 

employment or conduct business (GSMA, 2024).  

In general, online social networks are a disruptive and uneven phenomenon (MasterCard, 

2026). They improve the applicability and dexterity of youth networks in urban job markets 

and informal economies yet specific policies are still needed to tackle enduring divides 

(World Bank, 2024). 

2.3 The current landscape of youth poverty in Addis Ababa  

Many residents of Addis Ababa, including many young people, experience chronic and 

multidimensional poverty as a result of structural and institutional inefficiencies. According 

to the CSA Labor Force Surveys (2021), the unemployment rate of young people in Addis 

Ababa remains higher than the national average. In 2021, the youth unemployment rate in 

the city was 23.1%, with notable gender disparities (male 15.9% and female 28.8%). In 

addition, underemployment disproportionately affects rural migrant youth living in the city. 

International Labour Organization (ILO) data (2024) further indicate that many young people 

in the city are concentrated in low-paying, precarious employment in the construction, small 

trade, and services sectors, with no upward mobility. Analysing this phenomenon, Filmer and 

Fox (2014) place partial focus on the inflexibility of the Ethiopian labour market and assert 

that barriers to entrepreneurship, as well as the challenges of obtaining financing, are to 

blame for high youth unemployment. According to UNICEF statistics (2025), 41.1% of 

children in Addis Ababa are living in multidimensional poverty (deprived in five or more 

dimensions), with urban vulnerabilities being in nutrition, education, housing, and leisure, as 

compared to rural areas, with increases during shocks (UNICEF, 2025). The World Bank 

predicted that extreme poverty would rise to 43% by 2025, in a nation affected by conflict, 

droughts, and economic shocks, which are not evenly distributed; with urban youth 

disproportionately impacted (World Bank, 2025a). 

Another aspect of poverty is the housing and settlement conditions. Overcrowded and poor 

housing in Addis Ababa, insecure tenure, and bad housing stock have been documented by 

UN-Habitat (2017), with youth being the most vulnerable as they lack financial resources and 

cannot afford permanent housing, and so have to rent. Goodfellow’s (2017) recent study of 

urban growth supports these findings, showing that rapid development and the real estate 

market in Addis Ababa prevent the low-income population, particularly youth, from achieving 

their right to appropriate housing. More obstacles are encountered by migrants from rural 
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areas to urban areas , with 84.8% of rural children living in poverty, as compared to 55.2% of 

urban residents, indicating that poverty pressures are a key driver of rural–urban migration  

(UNICEF, 2025). 

Education and the formation of skills is also a burning problem. As suggested by the World 

Bank (2015, 2025), the output of higher education is mismatched to the requirements of the 

labour market: universities produce graduates in overdeveloped sectors, while the technical 

and vocational sphere is not well-developed. Most vocational graduates end up in informal 

or unstable employment due to poor institutional links with industry, as demonstrated by 

Mulugeta (2017). Even greater risks, such as poverty, large families, and so on, introduce 

even higher risks, such as early marriage of girls, which limit their access to education. The 

latest studies show that these mismatches persist, and point to the need to identify the 

industry-related skills demand (World Bank, 2025b). 

In general, youth poverty in Addis Ababa cannot be perceived only in the context of the level 

of unemployment. It is also related to poor housing and living standards, education-job 

imbalances, and the preponderance of insecure and informal livelihoods. These challenges 

are also caused by poor institutional support and haphazard urban policy responses. There 

is a need for multi-sectoral interventions to address the problem of youth poverty, covering 

labour market reform, skills formation, housing policy, and targeted institutional support to 

open channels to help foster sustainable youth livelihoods. The evidence gaps in the area of 

extreme poverty reduction in Ethiopia point to the need for additional specific research 

(UNICEF, 2025; IGC, 2025). 

2.4 Social networks as pathways to livelihoods 

Social networks in Addis Ababa are a major determinant in the formation of youth 

livelihoods, as both a source of opportunity and a mechanism of exclusion. The theory of the 

strength of weak ties developed by Granovetter (1973) holds that disparate and far-flung 

social ties are more influential in providing new opportunities like jobs than are close ties. 

This resonates well with Ethiopia today, where personal referral is a leading source of entry 

into the job market. The job search techniques used by people in Addis Ababa often rely on 

informal referral not formal labour market entry processes, as identified by the World Bank 

(2019) and IGC (2025), which facilitates the continued importance of networks for workforce 

entry. Similarly, recent research (Mekonnen, 2022) shows that informal work continues to be 

based on kinship, neighbourhood networks, and friendships networks, which assist youth to 

secure regular paid work and navigate precarious work lives. Simultaneously, Mains (2012; 

and recent extensions) points out that networks of peers offer emotional and financial 

sustenance, while restricting young individuals’ upward mobility, triggering frustrations 

regarding stagnation even as it recreates them. Research has shown that job opportunities 

can be enhanced by 3–12% in sub-Saharan Africa through the use of social networks, 

especially in the process of information exchange (IGC, 2025; Witte, 2025). 
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Social networks  facilitate various opportunities for young people by connecting them with 

employers, mentors, and organizations that provide information, training, and support. ILO 

(2020) highlights the importance of career guidance, work-based learning, mentoring, and 

labour market intermediation in helping young people transition into employment by 

strengthening their connections with employers and improving access to labour market 

information and opportunities. Consistent with this, in Addis Ababa, mediators such as 

NGOs, churches, and youth associations facilitate poor young people’s access to skills 

training and apprenticeships, as well as to small-scale jobs (IGC, 2025). In a similar vein, 

Fafchamps and Minten (2002) show that these community-based networks lower 

transaction costs and promote trust, underlining the role they play in relation to urban 

livelihoods, in contexts with weak formal institutions. .I In recent years, digital platforms 

have expanded these opportunities by creating new network tools through which young 

people in Addis Ababa have access to information, entrepreneurial support and 

employment.  

Another coping strategy used by vulnerable urban youth is informal networks. Risk-sharing 

networks can provide households with valuable buffers to income and health shocks in 

urban situations in Africa, as shown by De Weerdt and Dercon (2006). In the context of 

migrant youth, Bezu and Holden (2014) note that migrants in Addis Ababa are highly 

dependent on their kinship networks to attain access to housing, information, and first-time 

jobs within the city. However, such networks can recreate exclusion patterns. The World 

Bank (2019) cautions that women and migrants with the weaker relationships with 

influential groups are likely to be marginalised in high-paying jobs. Serneels (2007) finds that 

informal job search networks can perpetuate inequality by excluding those not affiliated to 

certain social groups. Gender and migrant status are likely to lead to discrimination and to 

reinforce poverty. 

The role of social networks is further complicated by the challenges facing urban youth. 

Research has shown that unemployed youth in urban Ethiopia often experience social and 

economic marginalisation, with limited access to institutional networks that facilitate 

employment, skills development, and livelihood opportunities (Serneels, 2007). Mains (2012) 

further argues that prolonged unemployment can erode young people's confidence in formal 

institutions, leading them to rely primarily on peer networks that provide emotional support 

but offer limited access to productive economic opportunities. Consequently, many young 

people remain excluded from resource-rich networks that could facilitate employment and 

upward mobility, increasing their vulnerability to persistent poverty and precarious forms of 

work. 

Social networks in Addis Ababa thus act as a double-edged sword. On the one hand, they 

provide youth with provide youth with access to employment opportunities employment 

opportunities, finances, emotional support, and a powerful counter to economic shocks. On 

the other hand, they uphold the status quo, favouring those who have more contacts and 

excluding women, migrants, and the long-term unemployed. Enabling more inclusive and 
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institutionalised forms of networking, such ) as mentorship, training, and equal access to 

both financial and social capital can significantly advance youth poverty alleviation in Addis 

Ababa. Analyses of inner-city youth networks shows that poverty is increasing in the city, 

despite economic growth, with the rate of youth unemployment at 31% (Mohammed Shuker, 

2024; UNICEF, 2025). 

2.5 Linking social networks to pathways out of poverty 

In Africa, social relations play an important role in helping individuals escape poverty, and 

this is especially so in Ethiopia. As research shows, such networks have an influence on 

income, jobs, and education (Sabates et al., 2021; Yitateku and Beneberu, 2020; Getnet, 

2016). Indicatively, studies of Ethiopian youth in rural communities show that good social 

networks and being a part of a group boost their success in getting employment. Likewise, it 

is through social contacts that young people acquire different kinds of employment in urban 

centres like Addis Ababa, especially in growing cities (Getnet 2016). Although this can often 

be affected by such factors as income and education, studies of other African nations, such 

as Ghana and Uganda, indicate that strong networks are positively associated with higher 

education, which results in a higher level of income and opportunities (Linda et al., 2018). 

Even though not all poor people can obtain these advantages because of a lack of 

education, formal education in Ethiopia leads people to migrate and to use their connections 

to find better jobs (Schewel and Asmamaw, 2021). Social capital is a double-edged sword 

that promotes the migration of resources but can entrap the poor in small networks. 

Poverty can be reduced with the help of social networks, which provide information, job 

opportunities, finances, and emotional support (Vassilakopoulou and Hustad, 2021; Liu et al., 

2017; Yayehyirad et al., 2024). As noted earlier, networks in sub-Saharan Africa can increase 

the probability of job acquisition by 3–12% (Burns et al., 2010, confirmed IGC 2025). In poor 

communities, they are also effective in helping individuals deal with stress, in providing 

emotional support, and making poverty not so overwhelming (Rock et al., 2016). Social 

networks can help people in Ethiopia to survive in times of emergencies, both on a material 

and emotional level, especially in rural regions (Yayehyirad et al., 2024). Nevertheless, there 

remain inequities, with people often marginalised based on their gender, class, race, or 

migrant position (Presbitero et al., 2019; Estifanos et al., 2019; Baird et al., 2020; UN Women, 

2025). Networks may also be politically connected, with lobbying assistance provided in 

order to benefit elites. Recent evidence based on financial cooperatives in Ethiopia indicates 

that social capital has a large effect on alleviating poverty among cooperative members. 

Ethiopian women experience distinct vulnerabilities, including poverty , with unequal access 

to healthcare (Baird et al., 2020). It has been found that in Ethiopia and South Africa, people 

from lower classes or non-majority ethnicities are not usually included in circles of support, 

and so are more vulnerable (Estifanos et al., 2019). Gender-based discrimination against 

Ethiopian migrant women, and their immigrant status, reduces their ability to get assistance 

(UN Women, 2025). Additional research carried out in other regions of Africa suggests that 
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exclusion from networks is a contributor to inequality as it denies minorities access to 

opportunities (Beegle et al., 2016). Such individual characteristics  as locally marginalised 

can be observed in network types in sub-Saharan Africa, which exposes the challenges in 

terms of integration. 

The study of Ethiopian and other African cities uncovers the interaction of youth 

empowerment and social networks. Despite the fact that a sizeable proportion of the 

population resides in poverty in cities like Addis Ababa, young people are turning to the 

internet to start businesses, as Nkula-Wenz and Waeterloos (2022) have found. A 2010 

study by Hogan et al. has found that poor women in Addis rely on informal groups to help 

them access both jobs and food. According to a 2022 study by Langevang, young people in 

other cities in Africa, including Dar es Salaam, are more resilient  when they are supported by 

their peer groups. An analysis of rural Ethiopian adolescents shows that social networks 

contribute to better access to work and land, but there are concerns about people 

abandoning their place of residence, as shown in a recent study by Tilahun and Holden 

(2023). Digitalisation enhances social and economic networks through greater availability of 

information, services, and markets. Nevertheless, it also creates new inequalities because of 

unequal access, skills, and usage (Chaturvedi et al., 2025). Social networks are now the key 

to livelihoods and poverty alleviation in Ethiopia, through the access they provide to 

resources, jobs, and migration opportunities (Eriksen and Mulugeta, 2016; Bundervoet, 

2018). However, social capital is a double-edged sword because participation costs and 

norms of reciprocity are sometimes closed off to the poorest (Cleaver, 2005; Seferiadis et 

al., 2015).  

2.6 The socio-cultural context of networks in urban Ethiopia 

Ethiopia is generally considered a highly collectivist society where it the obligation of groups, 

interdependence, and shared responsibility prevail over individualism (Spinelli et al., 2023). 

This cultural orientation is a key determinant in the creation and operation of social 

networks in cities like Addis Ababa and is anchored in traditional indigenous institutions, 

specifically Iddir and Equb and extended kinship systems. These institutions exist as the 

main engines of social capital , with a preference for reciprocity, collective obligation, and 

mutual trust over Western-style market logics or individualistic professional relationships 

(Melkamu G. et al., 2025). 

Initially focused on funeral care, Iddir is a traditional mutual-aid association that has 

developed into a multi-purpose social insurance and community-support system in Addis 

Ababa. Members make regular contributions to a central fund to support each other 

financially, materially, and emotionally when faced with bereavement, illnesses, and other 

crises, as well as in relation to weddings (Pankhurst, 2008; Melkamu G. et al., 2025).  

Equb, similarly, is an informal money commons – an informal savings and credit 

association, characterised by the same cultural norms of trust and obligation. Equb groups 

in urban Ethiopia allow members (especially women and low-income youth) to receive lump-
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sum funds without collateral, paperwork, and high-interest formal loans, which, in turn, 

supports small-business start-ups, housing improvements, and education, which directly 

translate into livelihood opportunities. Karafo (2022) shows, using mixed-method data from 

seven Ethiopian cities (including urban samples), that those who strongly adhere to these 

collectivist social norms (so-called confirmatory respondents) have a strong dependence on 

Equb and Iddir precisely because these institutions inculcate reciprocity and collective 

responsibility, encouraging economic activities that emphasise the welfare of a group, rather 

than the accumulation of personal wealth. 

This collectivist system is further supported by extended kinship systems. In Addis Ababa, 

kinship networks, which are not necessarily based around nuclear families, offer first-time 

housing, job referrals, and risk-sharing facilities to rural–urban migrants based on norms of 

collective obligation (Melkamu G. et al., 2025). Such connections frequently dictate the 

success of a network connection to a real job: resource sharing and referrals are made 

based on proven reciprocity and group devotion and not solely on a meritocratic or market-

based basis. Therefore, people who are not part of powerful kinship or Iddir/Equb groups, 

like recent migrants, women with weaker traditional connections, or those who are digitally 

illiterate, are systematically excluded. Thus these systems and networks recreate inequality 

even as they help insiders absorb economic shocks (Melkamu G. et al., 2025). 

Recent literature highlights that the cultural functions of indigenous social institutions are 

not static but continue to evolve in response to socioeconomic transformation. 

Urbanisation, economic change, and digitalisation have led to adaptation in traditional 

mutual-aid associations, such as Iddir. In Addis Ababa, many Iddir groups have expanded 

beyond their traditional funeral support role to engage in community development activities, 

savings and credit initiatives, small-scale businesses, HIV/AIDS awareness, and other social 

welfare functions (Dercon et al., 2006; Pankhurst, 2008; Melkamu G. et al., 2025). However, 

the fundamental reasoning is still collectivist, as reciprocity and collective duty still prevail 

over market reasoning, determining trust and resource allocation, and eventually the 

channels by which social networks enable (or inhibit) youth employment and poverty 

reduction in Addis Ababa. 

2.7 Interventions and policy directions 

Across sub-Saharan Africa, peer-to-peer programmes, mentorship, microfinance groups, and 

community-based organisations all take advantage of social networks to alleviate poverty 

(van Rooyen et al., 2012). In Ethiopia, microfinance programmes have helped to alleviate 

poverty through increased networks providing financial support (Yayehyirad et al., 2024). 

Peer mentorship in Tanzania has led to better economic and health outcomes for young 

men (Kajula et al., 2016). The National Social Protection Policy (revised after 2014) in 

Ethiopia includes youth among the targeted vulnerable populations; populations, with 

enabling environment initiatives under the policy focusing on networks and services. The 

successful experience of the PSNP in Ethiopia shows that community connections can be a 
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good approach to targeting of social protection initiatives in sub-Saharan Africa (Linda et al., 

2018). However, it has some defects, including its vulnerability to climate-related shocks 

and its limited attention to informal-sector work (Lemos et al., 2025). Although the 

implementation of these programmes can face issues, accountability systems can result in 

improved outcomes.  

The IGAD Youth Policy (2023) aims to build resilient and peaceful youth by involving them in 

education and employment networks. The USAID-funded Highlands Resilience Activity 

(USAID, 2024) is another initiative that supports vulnerable communities across 36 woredas 

of Ethiopia by strengthening their capacity to anticipate, withstand, and recover from 

economic and climate-related shocks. 

Applying scenario-based interventions relating to social networks, including by modelling 

network dynamics, could assist in alleviating poverty in Addis Ababa. As an example, as a 

part of resilience interventions, social network analysis can be used to model a situation 

where urban youth peer networks are offered job referrals, which can potentially lead to a 

lower unemployment rate (USAID, 2024; IGC, 2025). Moreover, scenario modelling of 

community interventions could boost psychosocial assistance and financial access for low-

income communities, similar to school-based behaviour change interventions (Abamecha et 

al., 2021). Creative strategies could also be applied to empower marginalised groups, such 

as using digital platforms to assist in the formation of virtual networks. UNICEF notes that 

early interventions can offer a high return if they are synchronised to address the causes of 

child poverty and to incorporate networks with education and skills initiatives (UNICEF, 

2025). Policy should centre on the norms of inclusiveness, in opposition to negative social 

exclusion, to ensure that networks are useful for all youth demographics.  New interventions 

should apply multilevel programming that accounts for gender norms and the capabilities of 

young adolescents.. 
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3 Research methodology 

3.1 Study design 

This study employs a mixed-methods research design that integrates quantitative and 

qualitative approaches to examine the role of social networks in shaping poverty outcomes 

among youth in urban Ethiopia. The primary analytical framework is ego-centric social 

network analysis that analyses an individual’s (ego’s) personal network, focusing on their 

connections (alters) and the ties among them. This is complemented by in-depth qualitative 

interviews. The mixed-methods approach is appropriate given the multidimensional nature 

of poverty in urban Ethiopia, and the complex relational dynamics that influence young 

people’s access to income-generating opportunities. The quantitative component captures 

measurable network attributes such as network size, density, and tie strength using 

structured surveys. The qualitative component adds explanatory depth by exploring how 

youth perceive, activate, and navigate their networks to manage employment-related 

challenges. Together, the two approaches provide a holistic understanding of how social 

capital is embedded within everyday practices and structures of marginalisation. 

3.2 Description of study population 

The study population comprises youth aged between 15 and 24 residing in three selected 

blocks of Woreda 6, Addis Ketema Sub-city. The survey included 180 youth respondents who 

were formally employed, informally engaged in economic activities, self-employed, 

unemployed, or in a school-to-work transition at the time of the fieldwork. In addition, 24 

youth were selected for in-depth interviews. The rationale for focusing on this age group lies 

in its heightened vulnerability to unemployment and poverty, compounded by restricted 

access to formal labour markets, social services, and institutional support. Alters – 

individuals or organisations connected to these youth – were also included indirectly 

through ego reporting. These alters include family members within and outside the 

household, peers, employers, mentors, NGOs, government offices, and other entities playing 

a role in youth livelihoods. 

3.3 Data collection method 

3.3.1 Survey method  

Given the dual need to capture network complexity and ensure timely data collection, the 

sample size for this study was determined based on both methodological rigour and 

practical feasibility. For the quantitative component, 180 youth (egos) were selected to 

participate in the research, with each respondent asked to list and characterise up to 10 

individuals or institutions (alters) who provide them with various forms of support. This 

approach yielded a rich dataset of ego–alter and alter–alter ties. This sample size was 

sufficient to compute ego-level social network metrics, assess sub-group variation, and 
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perform regression analyses (including multiple linear regression, logistic regression, and 

multinomial regressions) linking network characteristics to poverty indicators such as 

employment and income. 

The quantitative data was collected using a structured survey programmed into the Kobo 

platform, facilitating efficient, secure, and real-time digital data capture. Prior to the main 

data collection, the survey instrument was piloted with 23 youth (egos) (yielding on average 

2.8 alters per ego) to assess the clarity and relevance of the questionnaire. Based on the 

pilot results, minor revisions were made to improve the wording and sequencing of 

questions before final deployment. The survey used ego-centric social network instruments 

to gather data on up to 10 alters per ego. Respondents described each alter's relationship 

type, geographic proximity, type and frequency of support, and whether the alters know each 

other. This structure allowed the derivation of standard ego-centric network metrics such as 

network size, density, tie strength, and composition.  

3.3.1.1 Survey sampling procedures 

To optimise both representativeness and feasibility under tight time constraints, we 

employed a hybrid sampling strategy that combines stratified sampling of egos with 

respondent-driven sampling (RDS) to reach the desired sample size for egos. Initially, we 

selected 180 egos using simple stratification based on key demographic and economic 

variables, such as gender, employment status, and education level. These egos were drawn 

from existing lists maintained by local youth organisations, kebele administrations, or 

community-based groups. Following this, we implemented RDS procedures to expand the 

sample, with each ego asked to refer up to three peers who met the inclusion criteria. This 

network-driven recruitment process not only accelerated data collection but also enhanced 

access to youth who were informally employed, disconnected from institutional support 

systems, or otherwise difficult to identify through conventional sampling frames. 

The use of referrals ensured that the resulting sample maintained diversity and minimised 

clustering around specific social circles. RDS is especially appropriate for this study, given 

its focus on ego-centric networks and its ability to reach hidden populations that are often 

underrepresented in official records. While this approach does not support whole-network 

analysis, it allows for the robust estimation of ego-level metrics and group-level patterns, 

which are central to the study’s analytical goals. Periodic monitoring of sample composition 

also enabled us to address any emerging gaps in sub-group representation and to make 

real-time adjustments to the referral strategy if necessary. 

3.3.2 Qualitative research methods 

For the qualitative component of the study, a purposive sample of 24 youth was selected for 

in-depth interviews. These interviews aimed to capture detailed narratives that would 

illuminate the structural and relational dynamics underlying youth economic trajectories. 

Moreover, 10 key informant interviews were conducted with representatives from NGOs, 
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local government offices, and youth associations to provide further context regarding 

institutional engagement and policy relevance. 

Data collection was facilitated through relevant government offices at different 

administrative levels of the Addis Ababa City Administration. Participants were asked to 

indicate their willingness to take part in the interviews and their consent to having their 

voices recorded with a voice recorder. Three experienced qualitative data collectors 

conducted the interviews, who then translated and transcribed them.  

3.3.3 Quantitative data analysis  

3.3.3.1 Handling of missing values  

Missing values were addressed using a structured imputation strategy. For continuous and 

ordinal variables (e.g. financial, informational, emotional, skill training, advice/mentorship, 

and network supports), missing values were imputed using an iterative random forest 

algorithm. Categorical attributes (e.g. sex, employment, religion, ethnicity, and location) were 

imputed using modal substitution to preserve empirical distributions without introducing 

artificial variability. Relationship was imputed using the most frequently observed category 

to maintain consistency in tie classification. Imputation was conducted separately for ego-

level attributes, alter-level attributes, ego–alter ties, and alter–alter ties. All datasets were 

subsequently validated to ensure complete-case availability for computation of network 

metrics. 

3.3.3.2 Measurement of key variables 

This study analyses three sets of key variables – youth income, various social network 

measures, and control variables – to examine how social networks shape youth income in 

urban settings (see Annex B.1). The control variables encompass relevant factors that may 

confound the relationship between social networks and income. 

Youth income: Income was measured as a continuous interval ratio variable based on 

respondents’ self-reported earnings. Income was originally reported in Ethiopian birr (ETB) 

and subsequently transformed using the natural logarithm to reduce right-skewness, 

stabilise variance, and improve compliance with the assumptions of ordinary least square 

(OLS) regression. 

Social network measures: A comprehensive set of social network measures was calculated 

to analyse the compositional functional and structural dimensions of youth networks (see 

Annex B.1). Multiplexity was measured as a continuous interval ratio variable representing 

the average number of distinct support domains exchanged per tie. Network composition 

was determined through social composition measures capturing the share of kin, peers, 

neighbours, and institutional alters within ego networks, as well as the spatial distribution of 

alters across neighbourhood, city, national, and international locations. Homophily was 

measured as continuous indices reflecting the degree of similarity between egos and alters 
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across sex, age, religion, ethnicity, and employment status. In addition, for each support type 

(e.g. financial, informational, emotional, skill training, advice/mentorship, and networking), 

standard ego-network metrics, including in-degree and out-degree counts and strengths, 

average tie strength, effective size, constraint, and density, were calculated as continuous 

interval ratio variables to assess access to resources, tie intensity, and network redundancy. 

Among the listed social network measures, variables with a likelihood ratio test significance 

level of p < 0.20 were retained as candidates for inclusion in the multivariable models. The 

full set of social network measures initially entered into the multinomial logistic regression 

(MLR) model is presented in Annex C.3. 

Youth employment: Employment status was measured as a categorical outcome variable 

capturing respondents’ current labour market position, classified as unemployed, paid 

employee, self-employed, and not in labour force (student or unpaid family work). This 

measure reflects the diversity of economic engagement among youth and enables 

comparison across distinct forms of labour force participation. By distinguishing between 

formal and informal, the variable provides a comprehensive indicator of youth integration 

into the labour market.  

Control variables: A rich set of demographic, socioeconomic, and health-related controls 

was included to account for youth and family characteristics that may confound the 

relationship between social networks and income outcomes (Annex B.1). These variables 

included basic demographics (sex, age, religion, ethnicity, marital status, number of children, 

living arrangements), human capital indicators (education, skills training), family 

characteristics (parental education and income), and migration and residential history (place 

of birth, years in urban areas, and years in the neighbourhood). Variables capturing self-rated 

health, chronic illness, shocks, and mental health were also included. All nominal variables 

were recoded into dummy variables to make them suitable for inclusion in the regression 

analysis (see Annex B.2). 

Moreover, prior to estimating the full MLR models, potential control variables were initially 

screened using bivariate MLR analyses. Each variable was entered separately into the 

model, and its association with employment status was evaluated using the likelihood ratio 

test. Variables with a significance level of p < 0.25 were retained as candidates for inclusion 

in the multivariable models. However, variables considered theoretically important were 

included in the final models regardless of their statistical significance. 

Key demographic, socioeconomic, and family background characteristics were retained to 

ensure adequate adjustment for potential confounding factors (see Annex C.2 for the 

screening processes for the control variables).  

3.3.3.3 Calculation of metrics 

Social network metrics, comprising global networks and relationship type, were calculated to 

determine structural properties, composition, resources flowing through the networks, 
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multiplexity, and homophily. Table 1 describes the calculated metrics, with their possible 

lowest and highest values.  

Table 1: Description of social network metrics 

Metrics Min Max Short definitions 
Direction with better 
social network 

Global metrics 

Multiplexity 0 6 

Average number of distinct 
support domains 
exchanged per ego–alter 
tie, capturing the extent to 
which relationships 
combine multiple social 
functions. 

Higher: stronger, more 
embedded, 
multifunctional ties. 

Proportion of alters (kin, 
peers, institutions, 
neighbours) 

0 1 

Share of an ego’s network 
composed of a given alter 
type, reflecting social 
composition. 

Balance across categories 
often preferable to 
dominance of a single 
type.  

Proportion of location of 
alters (neighbourhood, within 
Addis Ababa, outside Addis 
Ababa but in the country, out 
of the country) 

0 1 

Proportion of alters located 
in each geographic 
category, indicating spatial 
reach of networks. 

Local ties support daily 
needs; distant ties may 
enhance opportunities.  

Homophily (sex, age, 
ethnicity, religion, 
employment status) 

0 1 

Proportion of ties in which 
egos and alters share the 
same attribute, capturing 
similarity-based tie 
formation. 

Lower to moderate often 
advantageous: greater 
diversity and bridging 
potential. 

Relationship-type metrics (calculated for each support type) 

In-degree count 0 

# of 
alters 
+ ego-
1 

Number of alters from 
whom the ego receives a 
given type of support, 
capturing access to 
resources. 

Higher: greater access to 
support. 

Out-degree count 0 

# of 
alters 
+ ego-
1 

Number of alters to whom 
the ego provides a given 
type of support, reflecting 
helping and reciprocity 
roles. 

Moderate to higher: social 
embeddedness (very high 
may indicate burden). 

In-degree strength 0 

(# of 
alters 
+ ego-
1* 
Wmax 

Sum of weighted incoming 
ties for a given support 
type, representing intensity 
of resources received. 

Higher: stronger and more 
reliable support. 

Out-degree strength 0 

(# of 
Alters 
+ ego-
1) * 
Wmax 

Sum of weighted outgoing 
ties for a given support 
type, indicating intensity of 
resources provided. 

Moderate to higher: 
engagement and 
reciprocity (excessively 
high may be costly). 

Average tie strength 0 Wmax 

Mean strength of ties 
within a support domain, 
summarising relational 
intensity. 

Moderate to high: trust 
and support without 
excessive redundancy. 
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Effective size 0 
# 
alters 

Number of non-redundant 
alters, indicating access to 
diverse and independent 
sources of support. 

Higher: greater diversity 
and informational 
advantage. 

Constraint 0 1 

Degree to which an ego’s 
network is concentrated 
among interconnected 
alters, indicating 
redundancy. 

Lower: more brokerage 
and flexibility. 

Density  0 1 

The proportion of observed 
ties among an ego’s alters 
relative to all possible 
alter–alter ties. 

Context-dependent: 
cohesion vs. diversity. 

I) Structural properties of networks 

To assess the structural properties of youth social networks, we calculated combined in-

degree, out-degree, in-degree strength, out-degree strength, average tie strength, network 

density, effective size, and constraint for each ego. This approach captures the general 

architecture of social connections independent of the specific form of support exchanged. 

The normality of these metrics was assessed using the Shapiro–Wilk test. With the 

exception of in-degree strength, all network measures deviated significantly from normality. 

As a result, Mann–Whitney U, Kruskal–Wallis H, and Spearman Correlation were used to test 

variation of these metrics across various attributes of youth.  

Additionally, exploratory factor analysis (EFA) was applied to the set of combined ego-

network metrics to determine overall network position or single network indicator (network 

factor score) for each ego. This approach was chosen to capture the latent structure 

underlying multiple correlated network indicators, rather than relying on arbitrary 

aggregation. All network variables were standardised prior to factor extraction to ensure 

comparability across differing scales and units. Standardisation also prevented metrics with 

larger numeric ranges from disproportionately influencing the factor solution. EFA was 

conducted using principal axis factoring. The number of factors retained was determined 

based on eigenvalues greater than 1 and inspection of the scree plot. The results indicated a 

dominant first factor, accounting for the majority of shared variance across the network 

metrics, while subsequent factors contributed marginal explanatory power. Using factor 

analysis reduces multicollinearity among highly correlated network metrics, aligns with 

theoretical perspectives emphasising latent social capital rather than isolated network 

properties, and yields a distribution that is suitable for linear regression modelling. 

Accordingly, the factor-derived network scores were used as an outcome variable. The 

multiple linear regression models with backward elimination were estimated. Both 

unstandardised (B) and standardised (β) coefficients are reported. Model fit was assessed 

using R² and adjusted R². Residual normality was examined using the Shapiro–Wilk test. 

II) Composition of networks 

The social composition of each ego network was assessed by calculating the proportion of 

alters belonging to key relational and geographic categories. Relationship composition was 
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measured as the proportion of alters classified as kin, peers, institutional actors, or 

neighbours. Spatial composition was assessed using the proportion of alters located within 

the same neighbourhood, within Addis Ababa, outside Addis Ababa but within the country, 

and outside the country. These indicators capture the extent to which youth networks are 

locally embedded versus spatially dispersed, reflecting variation in access to social and 

institutional resources.  

Descriptive statistics were first computed to summarise the distribution of alter types 

across ego networks. For each proportion of social composition and spatial composition, 

the mean, standard deviation, minimum, and maximum were calculated. To formally test 

whether the composition of ego networks differed across alter types, Friedman tests were 

conducted for both social and spatial composition. The Friedman test is a non-parametric 

alternative to repeated-measures ANOVA and is appropriate for bounded proportion data 

where multiple measurements are obtained from the same individual. This test evaluated 

the null hypothesis that the four proportions were equal within egos. Following a significant 

Friedman test, pairwise comparisons between all alter types were conducted using Wilcoxon 

signed-rank tests. These tests accounted for the paired nature of the data and compared the 

relative prevalence of different alter categories within the same ego networks. To control for 

multiple comparisons, Holm’s correction was applied to all p-values. Mean differences were 

reported to indicate the direction and magnitude of compositional differences. 

III) Types of resources flowing through youth networks 

To examine how different forms of support are organised within youth ego networks, we 

computed a common set of network measures separately for each support type: financial 

support, information sharing, advice and mentorship, skill training, emotional support, and 

networking assistance. For each domain, we calculated in-degree and out-degree counts 

and strengths to capture the volume and intensity of resources received and provided. 

Average tie strength summarised the overall strength of ties within each domain, while 

density, effective size, and constraint assessed network cohesion, diversity, and redundancy. 

Ego betweenness centrality was computed to capture brokerage positions within each 

support-specific network. Descriptive statistics (means and standard deviations) were 

calculated for each measure by support domain, and Friedman tests were used to assess 

whether network properties differed systematically across the support types.  

IV) Multiplexity and overlapping social functions 

Multiplexity was operationalised as the average number of distinct support types exchanged 

between an ego and each of their alters. For each ego, ties were coded based on the 

presence of support across multiple domains (e.g. financial, informational, emotional, etc.), 

and multiplexity was calculated as the mean number of support types per tie. This measure 

captures the extent to which relationships serve multiple social functions simultaneously, 

reflecting relational embeddedness and tie strength. Descriptive statistics were used to 

summarise the distribution of multiplexity across egos, supplemented by graphical 
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inspection using histograms with kernel density estimates. To further characterise relational 

complexity, egos were classified into uniplex, moderately multiplex, and highly multiplex 

categories based on their average multiplexity scores. 

V) Homophily and network segmentation 

Homophily was assessed by comparing ego and alter characteristics across key socio-

demographic dimensions, including sex, employment status, religion, ethnicity, and age. For 

categorical attributes, homophily was measured as the proportion of alters sharing the same 

attribute as the ego. Age homophily was assessed using a ±5-year threshold. These measures 

capture the extent to which youth networks exhibit social similarity or heterogeneity, 

consistent with the principle of homophily articulated by McPherson et al. (2001). High levels 

of homophily indicate socially segmented networks, while lower levels suggest greater 

exposure to diverse social resources and perspectives. Descriptive statistics (mean, standard 

deviation (sd.), min, max) and bar graphs were used to describe homophily across the 

selected socio-demographic characteristics of egos. In addition, the social network (as 

measured by factor score) of homophilous and heterophilous categories were compared for 

the selected socio-demographic characteristics and tested using Mann–Whitney U.  

3.3.3.4 Hierarchical OLS: model specification 

We estimated a sequence of nested OLS regression models with the natural logarithm of 

income as the dependent variable. In Model 1, we included the set of control variables that 

were selected based on their theoretical relevance in the livelihoods literature and their 

statistical significance. Multicollinearity diagnostics were also examined to ensure that the 

included variables did not introduce substantial collinearity into the model. This 

specification provides a stable baseline model, allowing us to subsequently assess the 

contribution of social network to variations in income. 

Models 2 and 3 incrementally introduced social network measures that were statistically 

significantly associated with log-transformed income. Model 2 examined network 

composition, including multiplexity; social composition (proportions of kin, peers, 

institutions, and neighbours); spatial composition (proportions located within the 

neighbourhood, within Addis Ababa, outside Addis Ababa but within the country, and outside 

the country); and homophily by sex, age, religion, ethnicity, and employment status. Model 3 

focused on functional network characteristics, testing in-degree and out-degree counts, in-

degree and out-degree strength, and average tie strength for each support type to determine 

the volume and intensity of resources exchanged through the ties. A fourth model 

incorporating structural network measures – effective size, constraint, and density – was 

estimated initially but was excluded from the final analysis due to the introduction of 

multicollinearity, which compromised model stability and interpretability. 

To compare model performance and assess the incremental contribution of social network 

variables, we relied on a combination of goodness-of-fit and model comparison statistics. 

The R and R² values were used to summarise the overall strength of association and the 
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proportion of variance in log-transformed income explained by each model, while adjusted 

R² was emphasised to account for differences in model complexity and sample size, 

allowing for more meaningful comparisons across nested models. The F-ratio and its 

associated significance level (Sig. F) were examined to evaluate the overall statistical 

significance of each model relative to a null model with no predictors. To assess whether 

the sequential inclusion of network composition and functional metrics improved 

explanatory power beyond the control variables, we examined R² change, F change, and Sig. 

F change, which formally tested whether the additional block of variables introduced at each 

step led to a statistically significant improvement in model fit. These statistics provide a 

robust basis for comparing nested models and for evaluating the added explanatory value of 

social network characteristics. 

3.3.3.5 Regression diagnostics and assumption checks 

A series of diagnostic checks were conducted to assess whether the key assumptions of 

the OLS regression models were met for the hierarchical models (see Table 2). First, the 

assumption of linearity between the predictors and the outcome variable was examined 

using partial regression plots. The plots indicated an approximately linear relationship 

between each predictor and the dependent variable across all three models. This suggests 

that the linear specification of the regression models was generally appropriate. 

Multicollinearity among the predictors was assessed using the variance inflation factor 

(VIF). The results show that all VIF values were below 3 in Models 1, 2, and 3, which is well 

below the commonly accepted threshold of 5, indicating that multicollinearity was not a 

concern in the analysis. 

The independence of observations was evaluated using the Durbin–Watson statistic. The 

values for each model were very close to the recommended value of 2 (see Table 2). This 

indicates that there was no substantial autocorrelation in the residuals and that the 

assumption of independent errors was reasonably satisfied across the models. 

Homoscedasticity was assessed by examining scatterplots of standardised predicted 

values (ZPRED) against standardised residuals (ZRESID). The plots did not exhibit a clear 

funnel-shaped pattern, although some minor deviations from constant variance were 

observed. Therefore, the assumption of homoscedasticity was not fully satisfied, but the 

deviation was not severe enough to substantially affect the overall interpretation of the 

regression results. 

The normality of residuals was assessed using both statistical and graphical approaches. 

The Shapiro–Wilk tests were statistically significant (p = 0.000) across all models, indicating 

a departure from strict normality. However, visual inspection of the normal Q–Q plots 

showed that the residuals generally followed the diagonal reference line, suggesting that the 

residuals were approximately normally distributed. Given the relatively large sample size and 

the visual evidence from the Q–Q plots, the minor deviations from normality are unlikely to 

meaningfully affect the regression estimates. 
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Finally, potential outliers and influential observations were examined using Cook’s distance 

and standardised residuals. Cook’s distance values were far below the commonly used 

threshold of 1. In addition, standardised residuals in all models fell within the acceptable 

range of ±3. These results indicate that no highly influential observations or problematic 

outliers were present. Overall, the diagnostic tests suggest that most of the key 

assumptions of OLS regression were reasonably satisfied, supporting the robustness of the 

hierarchical regression results. 

Table 2: Assumption checks across the models 

Assumptions Diagnostic test 

Model 1 

Control 
variables 

Model 2 

Network 
composition 

Model 3 

Network 
functions 

Linearity between 
predictors and 
outcome  

Partial regression 
plots (approximately 
linear pattern b/n 
each predictor and 
outcome) 

Mostly satisfied Mostly satisfied Mostly satisfied 

Multicollinearity VIF < 5 All VIF < 3 All VIF < 3 All VIF < 3 

Independence of 
observation  

Durbin–Watson 
statistic ( ~ 2) 

1.942 2.004 1.954 

Homoscedasticity 
(constant 
variance) 

Scatterplots of ZPRED 
vs. ZRESID (no clear 
funnel shape) 

Not fully 
satisfied 

Not fully satisfied 
Not fully 
satisfied 

Normality of 
residuals  

Shapiro–Wilk test (P > 
0.05) 

P = 0.000 P = 0.000 P = 0.000 

Normal Q–Q plot 
(points follow the 
diagonal line) 

 

Approximately 
normally 

distributed 

Approximately 
normally distributed 

Normally 
distributed 

Outliers and 
influential 
observations  

Cook's distance (< 1) 

 
0.000 - 0.058 0.000 - 0.052 0.000 - 0.078 

Standardised residual 
(+/- 3) 

-2.567 - 1.822 -2.760 - 2.120 -2.547 - 2.463 

Note: ZPRED = standardised predicted values; ZRESID = standardised residuals. 

3.3.3.6 Multinomial logistic regression (MLR)   

I) Assumption checks 

Dependent variable: The employment variable was restructured into four mutually exclusive 

categories: unemployed, paid employee, self-employed, and not in the labour force. This 

categorisation was guided by theoretical relevance to labour market participation and 

economic activity, which ensures conceptual clarity and improves the stability and reliability 

of the multinomial regression estimates. 

Adequate sample size: The adequacy of the sample size for multinomial logistic regression 

(MLR) was assessed based on commonly recommended guidelines for logistic models. The 

study includes 180 respondents distributed relatively evenly across the four employment 

categories (unemployed = 46, paid employee = 47, self-employed = 42, and not in the labour 
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force = 45), indicating the absence of sparse outcome categories. Methodological 

guidelines suggest that logistic regression models should ideally have around 10 

observations per estimated parameter to produce stable estimates, as discussed by David 

W. Hosmer and Stanley Lemeshow. With 180 observations and 19 predictors in the final 

model, the observations-to-predictor ratio approaches this recommended threshold. 

Moreover, the relatively balanced distribution of cases across outcome categories further 

supports the adequacy of the sample size for estimating the MLR models. 

Independence of observations: The independence of observations assumption was 

satisfied as the data were collected through a cross-sectional survey in which each 

respondent was measured only once. There was no clustering, repeated measurement, or 

hierarchical structure in the data. Therefore, responses can reasonably be considered 

statistically independent. 

Absence of multicollinearity: Multicollinearity among the independent variables was 

assessed prior to estimating the MLR models. Since direct multicollinearity diagnostics are 

not readily available in MLR, the test was conducted using an equivalent linear regression 

model including the same set of predictors. Two commonly used indicators – VIF and 

tolerance – were examined. The results indicate that multicollinearity is not a concern in the 

present study. Across all four nested models – Model 1 (control variables), Model 2 

(network composition), Model 3 (functional networks), and Model 4 (structural networks) – 

the VIF values for all predictors were well below the commonly accepted threshold of VIF < 

5, while the tolerance values were above the recommended minimum of 0.10 (see Annex 

C.4). These findings suggest that the independent variables included in the analysis were 

not highly correlated and that the estimated regression coefficients were stable and reliable. 

Absence of complete or quasi-complete separation: The assumption of the absence of 

complete or quasi-complete separation was assessed by examining model convergence, 

coefficient estimates, and the magnitude of standard errors in the MLR models. All 

estimated models converged normally during the maximum likelihood estimation process, 

and no predictors were automatically removed from the models due to estimation problems. 

In addition, the estimated coefficients and their associated standard errors remained finite 

across all outcome categories. Although some predictors produced relatively large relative 

risk ratios (RRRs), particularly for variables such as sex and certain network measures, the 

corresponding standard errors were stable and did not indicate estimation instability. These 

results suggest that none of the predictors perfectly predicted any employment category, 

indicating that the data did not suffer from complete or quasi-complete separation. 

Therefore, this assumption of MLR was considered satisfied. 

Independence of irrelevant alternatives (IIA): The MLR model assumes the independence of 

irrelevant alternatives (IIA), which implies that the relative odds of choosing between two 

outcome categories are independent of other alternatives. In the present study, the outcome 

categories represent distinct labour market statuses (unemployed, paid employee, self-
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employed, and not in the labour force). Given the conceptual independence of these 

employment states, the IIA assumption is considered reasonable. 

II) Employment model: MLR 

We estimated a sequence of nested MLR models with employment status as the dependent 

variable. Given the categorical and non-ordered nature of employment outcomes 

(unemployed, paid employee, self-employed, and not in the labour force), multinomial 

regression was appropriate for modelling relative differences across labour market 

positions. In Model 1, we included control variables capturing demographic, socioeconomic, 

and migration-related factors. This approach ensured appropriate adjustment for 

confounding factors and provided a stable baseline against which the contribution of social 

network characteristics could be evaluated. ‘Unemployed’ was specified as the reference 

category in all models to facilitate substantive interpretation of relative labour market 

integration. 

Models 2, 3, and 4 incrementally introduced social network measures to assess their 

additional explanatory value. Model 2 examined network composition, including multiplexity; 

social composition (proportions of kin, peers, institutions, and neighbours); spatial 

composition (proportions located within the neighbourhood, within Addis Ababa, outside 

Addis Ababa but within the country, and abroad); and homophily by sex, age, religion, 

ethnicity, and employment status. Model 3 incorporated functional network characteristics, 

including in-degree and out-degree counts, in-degree and out-degree strength, and average 

tie strength, capturing the volume and intensity of resource exchange. Model 4 introduced 

structural network measures, including effective size, constraint, and density for each 

support type to assess the extent of bridging versus bonding social capital.  

To compare model performance and to assess the incremental contribution of social 

network variables, we relied on likelihood-based goodness-of-fit and model comparison 

statistics appropriate for MLR. Model fit was evaluated using the −2 log likelihood (−2LL) 

and the overall likelihood ratio chi-square statistic, which tests whether a model with 

predictors provides a statistically significant improvement over the intercept-only (null) 

model. In addition, likelihood ratio tests were used to examine the contribution of individual 

predictors by comparing the full model with a reduced model in which a given variable is 

omitted. A statistically significant chi-square value indicates that removing the variable 

significantly worsens model fit, suggesting that the predictor contributes meaningfully to 

explaining variation in employment status. Pseudo R² measures (e.g., McFadden, 

Nagelkerke, and Cox and Snell) were reported to summarise the relative improvement in 

explanatory power across models. To evaluate the added contribution of network 

composition, functional, and structural measures beyond the control variables, we 

conducted likelihood ratio tests comparing nested models, examining changes in −2LL (Δχ²) 

to determine whether the inclusion of additional blocks of variables resulted in a statistically 

significant improvement in model fit.  
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3.3.4 Qualitative data analysis  

The qualitative data comprised data from 24 in-depth interviews with youth respondents and 

10 key informant interviews. All interviews were transcribed verbatim and imported into 

NVivo version 14 for coding and analysis. The data were then analysed using a combination 

of deductive and inductive thematic analysis. Deductive codes were developed based on the 

specific objectives of the study, grounded in existing empirical and theoretical works on 

social networks and youth poverty. Inductive coding was subsequently applied to capture 

emerging themes from the accounts of youth and other participants that were not 

anticipated by the deductive codes. It should be noted that the qualitative component of this 

research was designed to provide contextual understanding and rich insights into youth 

experiences and provides explanatory evidence to strengthen the findings from the survey 

research.  

Table 3: Interviews with youth 

Youth group Male Female Total 

Formally employed youth (working in government offices, private 
companies, or NGOs) 

2 2 4 

Informally employed youth (working in petty trade, daily labour, or 
family businesses) 

3 3 6 

Unemployed youth (actively seeking jobs or available for work) 3 3 6 

Students 2 2 4 

In transition (from education to work) 2 2 4 

Total 12 12 24 

 

Table 4: Key informant interviews 

Representatives  No. of interviews 

NGOs 2 

Government offices 5 

Youth associations 5 

Total 12 

 

The findings from both the quantitative and qualitative data were integrated to provide the 

fullest possible understanding of the research problem. The statistical patterns identified 

through Python were explained and enriched by the in-depth narratives and contextual 

insights derived from the thematic analysis. This integration allowed for an interpretation 

that is not only statistically sound but also deeply grounded in the lived experiences of the 

youth participants. 
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4 Findings and analysis  

4.1 Mapping youth social networks in the inner city of Addis Ababa, Ethiopia: 
implications for resilience and economic opportunities 

4.1.1 Structural properties of youth networks 

Table 5 presents the distribution of combined social network metrics for the youth sample. 

On average, participants had about six incoming network ties (In-Degree Count = 6.08) but 

established very few outgoing ties (Out-Degree Count = 0.16), suggesting that youth are 

more often the targets of network ties than their initiators.. The average strength of 

incoming ties is 17.6, while the outgoing tie strength is minimal (0.44). Networks are 

moderately strong on average (avg. tie strength = 2.88), with an effective size of 5.93, 

suggesting a moderately diverse set of contacts. Constraint values are low (mean = 0.37), 

reflecting limited network redundancy, and network density is generally sparse (mean = 

0.17). The combined factor score has a mean near zero (0.00) and ranges from −2.09 to 

2.52, indicating variation in overall network influence across individuals (see Table 5).  

Table 5: Distribution of combined social network metrics 

Network metrics mean median std_dev min max 

In-degree count 6.08 6.00 1.94 1.00 11.00 

Out-degree count 0.16 0.00 0.36 0.00 1.00 

In-degree strength 17.60 17.00 7.24 1.00 38.00 

Out-degree strength 0.44 0.00 1.11 0.00 4.00 

Avg. tie strength 2.88 2.85 0.66 1.00 4.00 

Effective size 5.93 6.00 1.97 1.00 10.00 

Constraint 0.37 0.17 0.43 0.11 2.13 

Density 0.17 0.14 0.10 0.10 1.00 

Factor score 0.00 -0.04 1.00 -2.09 2.52 

 

The histograms and normality tests of the combined social network metrics show that the 

individual metrics exhibit substantial variation in their distributions, with many deviating 

from normality. Several variables, particularly out-degree count, out-degree strength, 

constraint, and density, display strong right-skewed distributions, where most egos have 

very low values while a small number have relatively high values. The Shapiro–Wilk tests 

confirm this pattern, with statistically significant p-values (p < 0.05) for most measures, 

indicating departures from normality. In contrast, some indicators such as in-degree count, 

in-degree strength, and effective size show relatively more symmetric distributions, although 

their normality tests still suggest modest deviations.  

The uneven distribution suggests that network advantages are concentrated among a 

subset of individuals, while many others occupy relatively peripheral or resource-limited 

positions. For example, the skewness observed in out-degree measures implies that only a 

small number of egos actively provide support or resources to others, whereas the majority 
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primarily receive or maintain fewer outward ties. Similarly, the distribution of constraint and 

density indicates that many individuals are embedded in tightly knit networks with limited 

structural diversity, while fewer egos occupy more open network positions that potentially 

provide access to bridging opportunities and diverse information sources. These differences 

are important because variations in network structure can shape individuals’ opportunities, 

access to support, and ability to mobilise resources. 

The factor score exhibits an approximately bell-shaped distribution centred around zero, 

indicating that the factor captures a continuous gradient of network advantage among egos. 

Although the Shapiro–Wilk test suggests a slight deviation from perfect normality (p < 0.05), 

the distribution is relatively symmetric compared with several of the original metrics. 

Examination of the residuals of the factor score also shows a roughly normal distribution, 

with moderate spread around zero, suggesting that the factor score reasonably summarises 

the shared variance among the network measures. Taken together, these results indicate 

that while individual network indicators are often skewed, the factor-analytic approach 

provides a more balanced composite measure representing each ego’s overall structural 

position within the network. See Annex A.2 for the distribution of combined social network 

metrics and factor score with normality test. 

4.1.2 Composition of youth networks  

4.1.2.1 Social composition networks  

The social composition of alters indicates that the ego networks are dominated by kin and 

peer ties (see Figure 1). On average, kin constitute slightly more than half of all alters (Mean 

= 0.532, SD = 0.254), followed by peers (Mean = 0.346, SD = 0.226). In contrast, institutional 

ties (Mean = 0.047, SD = 0.095) and neighbour ties (Mean = 0.074, SD = 0.134) represent 

relatively small proportions of ego networks. However, considerable variation is observed 

across individual egos. Some egos report networks composed entirely of kin or peers, while 

others report no ties in these categories. Institutional ties are generally sparse, with a 

maximum proportion of 0.40, indicating that even in the most institutionally connected 

networks, such ties remain secondary. Neighbour ties show greater variability, with some 

egos reporting that up to 80% of their alters are neighbours. 
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Figure 1: Mean proportion of alters, based on their social composition 

 

Moreover, the global differences in social composition, as determined by the Friedman test, 

indicate strong and statistically significant differences in the composition of ego networks 

across alter types (χ² (3) = 321.29, p < 0.001). This result rejects the null hypothesis that kin, 

peers, institutions, and neighbours are equally represented within ego networks. 

The post-hoc Wilcoxon signed-rank tests reveal that kin ties are significantly more prevalent 

than all other alter types. The proportion of kin exceeds that of peers (mean difference = 

0.186, p < 0.001), institutions (mean difference = 0.485, p < 0.001), and neighbours (mean 

difference = 0.458, p < 0.001) (see Table 6). Peer ties are also significantly more common 

than institutional ties (mean difference = 0.299, p < 0.001) and neighbour ties (mean 

difference = 0.272, p < 0.001), underscoring the central role of informal, non-kin relationships 

in ego networks. In contrast, no statistically significant difference is observed between 

institutional and neighbour ties after adjustment for multiple comparisons (mean difference 

= −0.027, adjusted p = 0.092). This suggests that both categories occupy similarly marginal 

positions within ego networks. 

Table 6: Post-hoc Wilcoxon signed-rank tests for social composition of alters 

Comparison 
Mean 

difference 
W stat Raw p P adj. 

Kin vs. peers 0.186 3260.5 0.000 0.000 

Kin vs. institutions 0.485 138 0.000 0.000 

Kin vs. neighbour 0.458 368 0.000 0.000 

Peers vs. institutions 0.299 196.5 0.000 0.000 

Peers vs. neighbour 0.272 689 0.000 0.000 

Institutions vs. neighbour -0.027 1337.5 0.0919 0.0919 
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Overall, ego networks are highly concentrated around kin and peers, with limited 

representation of institutional and neighbourhood ties. The dominance of kin relationships 

indicates a strong reliance on familial social capital, while the substantial presence of peers 

points to the importance of horizontal, informal connections. The relative scarcity of 

institutional ties suggests limited embedding in formal organisational networks, which may 

have implications for access to resources and opportunities. 

The qualitative findings largely reinforce the patterns identified in the network survey that 

ego networks are highly concentrated around kin and peers. The qualitative finding shows 

that support comes from various sources, but inner-city youth predominantly rely on their 

family members. Mothers are the primary sources of support, followed by siblings, aunts, 

and uncles. One youth shared how her mother sacrifices to improve her life, stating, ‘I mainly 

rely on my mother. She makes a little money by selling Gulit or small items.’ Similarly, 

another youth described the unwavering support he receives, saying, ‘Regardless of the 

situation, as long as she’s alive, my mother is always there for me.’ 

Siblings also play a crucial role in providing support. One male interviewee highlighted how 

empowered young women can improve their families: ‘My sister received the same training 

that I received before I did, and we currently live together in a kebele house. She helps cover 

our basic needs with the little we have.’  

In addition to immediate family, extended family ties also contribute to the support network 

for some youth in the inner city. One youth recounted: ‘I rely on my parents as well as my 

mother's family… Her brothers and sisters frequently assist me by paying my school fees 

and providing help in various ways.’ 

Support from immediate family networks ranges from everyday survival needs to 

accommodation and financial assistance. An extended family can also be vital during 

difficult times. One inner-city youth shared: ‘Yes, there was a time when we faced a very 

tough situation as a family because my brother was seriously ill. One of my relatives paid for 

his treatment.’ 

Family members often provide important information about job openings, and some youth 

manage to secure jobs through the efforts of relatives, as illustrated by the following 

account: ‘It involved numerous phone calls. I had to beg him several times to keep following 

up. The message was clear: otherwise, my application would get stuck somewhere. But 

thanks to his persistence, that wasn’t the case… who you know is more important than what 

you know.’ 

Not all youth are fortunate enough to receive support from their extended family. 

Sometimes, a young person may have financially stable relatives but that does not 

guarantee they will receive help. 

One youth, a single mother, shared her experience with her relatives. She mentioned that her 

mother's relatives live in Addis Ababa and have never checked on her or her child. She 
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added, ‘I also have uncles on my mother’s side who live in America, but they never ask about 

us; they do not know the struggles we face.’ 

Confirming the network survey data findings that ego networks are highly concentrated 

around peers, next to kins, it was found that support can also come from non-family 

members, particularly friends. Many inner-city youth rely on their friends for support, 

sometimes alongside or instead of family. One university student expressed: ‘I was very 

dependent on my friends at university. They helped me emotionally and sometimes 

financially. They even gifted me a laptop, which I had to sell for my mother's treatment.’ One 

male youth shared, ‘My fiancée is currently living abroad, and she still supports me.’ 

The support received from friends often centres around job-related information. One inner-

city youth, who is married and has a daughter, explained: ‘I first worked at St. George 

Brewery for a salary of ETB 3,500. Later, through a friend’s recommendation, I was employed 

at Dashen Brewery Factory. Besides my salary, I earn an additional ETB 200–400 daily from 

customers.’ Another youth added: ‘I got my current job via an old classmate who worked at 

the firm and referred me directly to the manager. My application didn’t even go through 

screening; they just gave me the job.’ 

A female inner-city youth shared a similar experience, stating: ‘It was quick and easy. My 

friend informed me of the opening, and I submitted my CV. I was interviewed within 48 

hours.’ She emphasised how crucial social networks are for success. 

Another male inner-city youth remarked: ‘My friends have been very supportive. I graduated 

in filmmaking, and one of my friends is already in that industry. Whenever he hears about a 

job opening in filmmaking, he lets me know.’ Many other young people echoed this 

sentiment, highlighting the importance of friends as a source of information. 

In times of hardship, friends can provide more than just information. One male youth 

recounted how, while he was in prison, his friends helped him by paying bail money of ETB 

10,000 to secure his release. 

A single mother also spoke of her friend's instrumental support during a challenging time: 

‘My friend helps me a lot. Even if she doesn’t have much money, she brings cooking oil from 

her home. She also assists my mother and was by my side when I gave birth, even buying 

clothes for my baby.’ 

The narratives from the youth in the qualitative findings support the network survey results, 

which indicate limited representation of institutional ties. In the qualitative interviews, youth 

expressed frustration that promised government support often does not reach them, as they 

are repeatedly registered without receiving any tangible assistance. One youth said: ‘I have 

tried, but I haven’t received any support so far. You only advocate for something if you 

receive support; otherwise, it feels unnecessary, in my opinion. Sometimes they register us 

and ask for a lot of information.’ 
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Those who have benefited from government job creation schemes also voiced concerns 

about the lack of continuous support. One youth lamented: ‘In the agro-industry I worked at, 

they visited our home once. They didn’t help with anything, including the rising prices of 

animal feed. When they enforced pricing on our products, we asked why, and were told the 

pricing was based on scientific reasoning.’ Another beneficiary stated: ‘I am engaged in 

urban agriculture with the support of the woreda, but the rewards don’t match our efforts. 

For instance, we have to wait five months to get an egg from our chickens. After all the 

feeding, cleaning, and care, the minimal return is quite discouraging.’ 

Some youth expressed frustration with the lengthy procedures required to access 

opportunities, indicating a preference for seeking assistance from individuals rather than 

institutions. One youth remarked: ‘If you need to speak with a manager, you first have to 

explain to the secretary, which involves several procedures and challenges that you wouldn’t 

face when seeking support from individuals. Personal support has fewer obstacles, and I 

believe it’s far better.’ Another youth reinforced this view, stating: ‘I would prefer to get help 

from an influential person in my social network. Institutions have resources but are 

bureaucratic and slow.’ 

However, although the network survey findings indicate a weak representation of 

neighbourhood ties in the young people’s ego networks, the qualitative evidence contradicts 

this. Youth explained that support from outside family and friends is vital for inner-city youth, 

as they also rely on neighbours. Multiple interviews revealed that neighbours provide various 

forms of assistance, from financial help to job-related information and childcare. One 

interviewee stated: ‘I have a good relationship with my neighbours. There are many families 

in our compound, and whenever something happens, everyone cooperates and supports one 

another.’ She recounted how, when she was unemployed, her neighbours helped her start 

selling fried snacks by allowing her to use their electricity. 

Another female youth mentioned her neighbour’s assistance with babysitting while she 

searched for a job. Emphasising the importance of neighbours, another interviewee shared 

that she secured a position at a manufacturing company thanks to her neighbour, who 

shared job information and contacted the manager on her behalf. These findings indicate 

that the most significant form of support for inner-city youth often revolves around job-

related information, whether from family, friends, or neighbours.  

4.1.2.2 Spatial composition of networks 

On average, ego networks are highly localised (see Figure 2). The largest shares of alters are 

individuals residing within Addis Ababa (mean = 0.459, SD = 0.310) and neighbours (Mean = 

0.431, SD = 0.317), indicating that nearly 90% of social ties are concentrated within the 

immediate urban environment. In contrast, a much smaller proportion of alters lives outside 

Addis Ababa but within the country (mean = 0.073, SD = 0.166), while transnational ties are 

rare (mean = 0.036, SD = 0.088). Despite these overall patterns, the wide ranges observed 
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for neighbourhood and within-city ties (Min = 0, Max = 1) suggest substantial heterogeneity 

in the composition of individuals’ networks. 

Figure 2: Mean proportion of alters, based on their location 

 

A global comparison of alter proportions, using Friedman test, reveals statistically 

significant differences across the four spatial categories (χ²(3) = 264.84, p < .001), 

indicating that ego networks are not evenly distributed across locations.  

The post-hoc Wilcoxon signed-rank tests shows no significant difference between the 
proportion of neighbours and alters residing within Addis Ababa (mean difference = −0.028, 
p = 0.506), suggesting that these two categories contribute similarly to network composition 
(  
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Table 7). In contrast, both neighbours and within-city alters are significantly more prevalent 

than ties to individuals living outside Addis Ababa or abroad (all adjusted p-values < 0.001). 

Further comparisons reveal that ties to individuals living outside Addis Ababa but within the 

country are modestly but significantly more common than transnational ties (mean 

difference = 0.037, adjusted p = .039).  
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Table 7: The post-hoc Wilcoxon signed-rank tests for spatial composition of alters 

Comparison 
Mean_Diff

erence 
W_stat raw_p p_adj 

Neighbourhood vs. within Addis Ababa -0.028 6204 0.5057 0.5057 

Neighbourhood vs. outside Addis Ababa but in 
the country 

0.358 697 0.0000 0.0000 

Neighbourhood vs. out of the country 0.395 384.5 0.0000 0.0000 

Within Addis Ababa vs. outside Addis Ababa but 
in the country 

0.386 895 0.0000 0.0000 

Within Addis Ababa vs. out of the country 0.423 95.5 0.0000 0.0000 

Outside Addis Ababa but in the country vs. out 
of the country 

0.037 667.5 0.01964 0.03927 

 

Overall, these findings highlight a strongly localised structure of social networks, with dense 

concentrations of ties in immediate and metropolitan contexts and sharply declining 

connectivity beyond city boundaries. This pattern suggests limited geographic reach of 

social relations, with potential implications for access to diverse information and resources.  

The network survey results regarding the strongly localised structure of social networks – 

largely limited to connections within Addis – are strongly supported by the qualitative 

findings. The qualitative study emphasises that support primarily comes from immediate 

social contexts. As indicated above, ego networks are highly concentrated around peers and 

kin, and qualitative evidence further shows the important role of neighbours. 

The second important finding relates to the types of support youth receive from these 

immediate networks, ranging from financial assistance for urgent needs to employment, and 

from job-related information to childcare support. 

However, this localised pattern does not necessarily mean that youth lack significant others 

or acquaintances living outside Addis, including abroad. Rather, many do not have 

relationships that are sufficiently close to allow them to seek or receive support 

comfortably. One female youth, a mother, explained: 

‘My mother’s relatives are alive, but we do not have a strong relationship, and they 

have never checked on my child or me. It is not because of any conflict – our 

relationship has simply been distant. I also have uncles on my mother’s side who live 

in America, but they never ask about us; they do not know our struggles or our well-

being.’ 

Another youth remarked: ‘Personally, I dislike asking for support. I have a sister living 

abroad, and I’ve only asked her for help once.’ 

This suggests that, beyond the geographical distance separating them, an emotional or 

intimate relationship is a key factor. When individuals do not feel emotionally close, support 

mechanisms are unlikely to be activated. 
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4.1.3 Types of resources that flow through youth networks 

The structural organisation of youth networks vary across support types, as shown in   
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Table 8. In-degree counts and strengths, capturing the volume and intensity of support 

received, are highest for advice or mentorship, followed by information and emotional 

supports, indicating that these domains constitute the most prominent sources of incoming 

resources in young people’s networks. In contrast, skill training networks are notably smaller 

and weaker, with substantially lower in-degree counts, strengths, and effective size, 

suggesting limited access to skill-based support. Across all domains, out-degree counts and 

strengths are consistently low, indicating that youth are more often recipients rather than 

providers of support, regardless of the type of resource. 

The structural measures further highlight meaningful variation across support types. Advice 

or mentorship networks exhibit the largest effective size and relatively lower constraint, 

suggesting more diverse and less redundant social structures through which guidance and 

mentorship flow. Financial and networking support networks are moderately dense and 

constrained, reflecting more tightly knit and potentially redundant structures. Skill training 

networks again stands out as structurally sparse, with the lowest density, effective size, and 

constraint, pointing to fragmented and weakly embedded ties. 

Results from the Friedman tests confirm that these observed differences are statistically 

significant. For nearly all network measures, including in-degree counts, in-degree strengths, 

average tie strength, density, effective size, and constraint, the tests yield large chi-square 

statistics with highly significant p-values (p < 0.001), indicating systematic variation in 

network structure across support types. These findings demonstrate that different forms of 

social support are not merely variations in content but are embedded in fundamentally 

different network configurations. Overall, the results underscore that young people’s access 

to social capital is domain-specific, with advice, information, and emotional support 

embedded in richer and more diverse networks than skills training or financial assistance. 
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Table 8: Comparison of combined social network metrics across relationship type 

Network metrics 
Financial 
support 

Information 
Advice/ 

mentorship 
Skills 

training 
Emotional 

support 
Networking 
with others 

Chi-square 

In-degree count 
3.872 

(1.966) 
4.561 

(2.258) 
5.311 

(2.023) 
1.633 

(2.323) 
4.417 

(2.370) 
3.628 

(2.189) 
399.31*** 

Out-degree count 
0.128 

(0.335) 
0.106 

(0.308) 
0.150 

(0.358) 
0.033 

(0.180) 
0.122 

(0.328) 
0.089 

(0.285) 
45.226*** 

In-degree 
strength 

11.278 
(7.038) 

12.833 
(7.901) 

15.883 
(7.360) 

5.264 
(7.953) 

13.687 
(8.510) 

10.916 
(7.859) 

355.114*** 

Out-degree 
strength 

0.400 
(1.086) 

0.283 
(0.892) 

0.433 
(1.099) 

0.133 
(0.720) 

0.344 
(0.988) 

0.267 
(0.925) 

41.853*** 

Avg. tie strength 
2.846 

(0.747) 
2.676 

(0.840) 
2.947 

(0.630) 
1.504 

(1.661) 
2.910 

(0.855) 
2.727 

(1.013) 
116.007*** 

Density 
0.259 

(0.150) 
0.228 

(0.154) 
0.198 

(0.121) 
0.145 

(0.184) 
0.223 

(0.145) 
0.255 

(0.180) 
120.526*** 

Effective size 
3.744 

(1.961) 
4.456 

(2.236) 
5.161 

(2.045) 
1.600 

(2.286) 
4.294 

(2.349) 
3.539 

(2.170) 
394.169*** 

Constraint 
0.482 

(0.432) 
0.427 

(0.434) 
0.400 

(0.443) 
0.270 

(0.396) 
0.427 

(0.422) 
0.452 

(0.443) 
114.316*** 

Standard deviation is in brackets, ***P < 0.001 

4.1.4 Multiplexity and overlapping social functions 

Multiplexity levels are generally high across the sample, indicating that youth relationships 

commonly involve multiple forms of support (see Figure 3). The average multiplexity score 

is 3.79 (SD = 1.15), with a median of 3.67, suggesting that a typical ego–alter relationship 

combines approximately three to four distinct support domains. Observed values range from 

0.33 to 6, highlighting substantial heterogeneity in relational complexity. The distribution of 

multiplexity is unimodal and slightly right-skewed, with most egos clustering between three 

and five support domains per tie. 
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Figure 3: Average number of support domains for egos 

 

Categorical analysis further underlines the prominence of multiplex relationships. Nearly 

seven in 10 egos (69.4%) are classified as highly multiplex, meaning that their ties 

incorporate four or more support domains on average. An additional 30.0% of egos fall into 

the moderately multiplex category (two to three domains), while uniplex relationships are 

rare, accounting for only 0.6% of egos. This pattern indicates that single-function ties play a 

minimal role in youth support networks, with most relationships simultaneously integrating 

instrumental and expressive forms of support. 

Overall, these findings suggest that youth networks are characterised by dense, 

multifunctional relationships rather than narrowly specialised ties. High levels of multiplexity 

imply strong relational embeddedness, consistent with theoretical perspectives 

emphasising the role of multiplex ties in fostering trust, resilience, and sustained social 

capital. The predominance of highly multiplex relationships further indicates that access to 

resources in these networks is embedded within cohesive and overlapping social exchanges 

rather than fragmented across separate relational channels. 

4.1.5 Homophily and network segmentation 

The homophily measures indicate substantial variation in the extent to which youth 

networks are composed of similar others across different attributes (see Figure 4). 

Homophily is strongest for religion (M = 0.703, SD = 0.335) and sex (M = 0.574, SD = 0.236), 

suggesting that ties are more likely to form among alters who share these characteristics. In 

contrast, employment status shows relatively low homophily (M = 0.256, SD = 0.250), while 
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ethnicity exhibits a moderate level of similarity (M = 0.488, SD = 0.331), indicating more 

heterogeneous mixing along these dimensions. 

Figure 4: Mean proportion of homophilous ties for selected demographic variables 

 

To assess whether network structure differ by homophilous versus heterophilous ties, factor 

scores were compared across homophily categories using Mann–Whitney U tests (see 

Table 9). The results indicate no statistically significant differences in factor scores by sex, 

employment status, or religion, as mean factor scores are comparable between 

homophilous and heterophilous networks for these dimensions (all p > 0.05). In contrast, 

ethnic homophily is significantly associated with higher factor scores (U = 448, p = 0.0145), 

with homophilous networks exhibiting substantially higher mean factor scores than 

heterophilous ones. This suggests that similarity in ethnicity is uniquely linked to more 

structurally advantaged or resource-rich network configurations, whereas similarity along 

other attributes does not appear to differentiate overall network structure. 

The qualitative findings do not seem to support the network survey results, which indicate 

that ethnicity is the only homophilous network that appears to contribute to network 

advantage. Many youth reported receiving support from others who are facing similar 

economic circumstances. This suggests that assistance is primarily shared among peers 

rather than from wealthier individuals to those who are less affluent. This perspective 

emerged frequently in the interviews. For instance, one youth stated: ‘My friends sometimes 

offer me a place to sleep or share a plate of injera, but they too are poor, so their help is 

quite limited.’ Another youth reinforced this idea, saying, ‘I primarily rely on my family, 

especially my brothers. However, as you know, life is really tough these days, and there isn’t 

anyone in a position to provide meaningful help.’ A third youth echoed this sentiment, 
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sharing her observations about neighbours: ‘In our compound, nine households are living 

together, and everyone experiences similar living conditions. Because most of us are 

struggling, no one can offer substantial support. We may share small items, but no one is in 

a position to provide significant assistance.’ Thus, while this mutual support demonstrates 

strong social bonds, its ability to improve the lives of those involved may be limited. 

Table 9: Comparison of homophilous and heterophilous groups in terms of their factor score 

Homophily 
dimension 

Mean 
homophilous 

Mean 
heterophilous 

U stat P value 

Sex 0.984 1.185 22 0.75905 

Employment 0.219 0.144 64 0.95384 

Religion 0.287 0.202 608.5 0.5958 

Ethnicity 0.682 -0.071 448 0.0145 

4.1.6 Youth networks: synthesis and implications 

The structural characteristics of youth ego networks – such as degree, effective size, and 

density –interact with network composition to shape both economic opportunities and 

livelihood resilience. Networks that combine moderate density with larger effective size 

appear better positioned to provide access to diverse information and support, while 

compositional dominance of kin and nearby alters enhances the reliability of the support 

available  during periods of shock. Together, these findings suggest that resilient livelihoods 

emerge not simply from having many ties, but from networks that balance structural reach 

with socially and spatially embedded relationships capable of mobilising support in times of 

need. 

The analysis of relationship types reveals that different forms of support play distinct yet 

complementary roles in sustaining livelihoods. Financial and skills-training ties are relatively 

sparse but crucial for direct economic advancement, while informational, advice, and 

emotional support networks are more extensive and structurally embedded. High levels of 

multiplexity indicate that many relationships simultaneously deliver multiple forms of 

support, strengthening households’ capacity to absorb shocks and adapt to changing 

conditions. Such multiplex ties are particularly important for livelihood resilience, as they 

reduce dependence on single-purpose relationships and enable individuals to draw on 

combined instrumental and expressive resources when economic opportunities or income 

sources are disrupted. 

Patterns of homophily further shape how economic opportunities are accessed and 

constrained. Strong similarity-based ties, especially along religion, sex, and ethnicity, 

reinforce trust and facilitate the circulation of resources within familiar social groups, 

supporting short-term coping and mutual aid. However, the limited evidence that 

homophilous ties improve overall network factor scores, combined with the significant role 

of ethnic homophily, suggests potential constraints on access to bridging opportunities 

such as new jobs, training, or external institutional support. In this sense, homophily 
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contributes to livelihood stability within groups while simultaneously limiting exposure to 

heterogeneous networks that are often critical for upward economic mobility. 

4.2 How social networks shape income among urban youth in Addis Ababa, 
Ethiopia 

4.2.1 Model performance and comparison 

Table 10 presents the comparative performance of three nested OLS regression models 

predicting the natural logarithm of income. Model 1 includes demographic and 

socioeconomic control variables and explains 41.2% of the variance in income. The model is 

statistically significant overall (F = 7.563, p < 0.001), indicating that individual and 

household characteristics account for a substantial share of the variation in income among 

urban youth. This model provides a baseline against which the additional explanatory 

contribution of social network characteristics was evaluated. 

Model 2 introduces network composition variables, specifically multiplexity, the proportion 

of kin in the ego network, the proportion of neighbours, and the proportion of alters residing 

outside Addis Ababa but within the country. The inclusion of these measures improves the 

explanatory power of the model, increasing the proportion of explained variance to 45.4%. 

Additionally, it increases the explanation of variance in income by 4.2%. . The improvement 

suggests that the composition of youth networks, particularly the types of relationships they 

maintain and the spatial distribution of their contacts, contributes to explaining income 

differences beyond youth and household characteristics. 

Model 3 further extends the analysis by incorporating network function variables, capturing 

the types of resources exchanged within ego networks. Specifically, the model includes  the 

average strength of financial ties , which reflects the intensity of financial support 

relationships, and skills training in-degree count, which measures the number of network 

members providing skill-related assistance or training. The inclusion of these variables 

increases the explained variance to 48.3%. The additional 2.9 percentage-point increase in 

R² relative to Model 2 is statistically significant (F change = 4.083, p = 0.019), indicating that 

the functional aspects of networks or what resources ties provide adds further explanatory 

power to the model. 

Overall, the progressive increase in explained variance across the three models highlights 

the incremental contribution of social networks to youth income outcomes. While control 

variables alone account for 41.2% of the variation in income, the addition of network 

composition variables contributes an additional 4.2%, and network function variables add a 

further 2.9%. Overall, social network measures explain about 7.1% of additional variance in 

income beyond demographic and socioeconomic characteristics (see Table 10). This 

demonstrates that both the structure of young people’s networks and the resources flowing 

through them play a meaningful role in shaping economic outcomes. 
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Table 10: Comparison of model performance 

Model comparison 
criteria 

Model 1 

Control variables 

Model 2 

Network composition 

Model 3 

Network functions 

R 0.642 0.674 0.695 

R2 0.412 0.454 0.483 

Adjusted R2 0.358 0.387 0.412 

F-ratio  7.563 6.794 6.779 

Sig. F 0.000 0.000 0.000 

R2 change  0.412 0.042 0.029 

F change  7.563 2.823 4.083 

Sig. F change 0.000 0.027 0.019 

 

The network survey findings indicate that social networks significantly explain variations in 

economic outcomes for inner-city youth. The qualitative findings provide more nuance in 

regard to this relationship by revealing that not all youth actively seek support from others 

they know.  

4.2.2 Self-reliance and reluctant to seek help and utilise opportunities 

Some youth indicated a preference for not soliciting help from others, reflecting a strong 

belief in self-reliance and personal responsibility. One participant remarked: ‘Personally, I 

dislike asking for support. I have a sister living abroad, and I’ve only asked her for help once. 

I prefer to confront challenges alone, even if it means going hungry.’ Echoing this sentiment, 

another youth asserted: ‘I need to ensure that I can provide for my family, pay my rent, and 

meet my children’s needs before considering marriage. I’m willing to work any hours 

necessary, even 24 hours a day, to ensure I’m not dependent on anyone else.’ These views 

suggest that many believe individuals should take responsibility for their own lives, and that 

seeking support is not a preferred coping strategy among youth. 

Some inner-city youth believe that the government offers equal opportunities for everyone. 

However, many do not consider participating in local government activities. One youth 

remarked: ‘I don’t see many youth from Addis Ababa participating in kebele or woreda 

activities.’ Another stated: ‘There are opportunities that could help us improve our lives, but 

the challenge lies in making use of them. There are good opportunities for motivated 

individuals, but it depends on one’s willingness to take advantage of them. Besides, many 

take the money but do not use it productively; they just spend it and waste it.’ 

These perspectives are reinforced by another youth who admitted he rarely visits the kebele, 

which is why he lacks information about available opportunities. Further echoing this 

sentiment, another interviewee noted: ‘I don’t think they understand that it’s their right to 

benefit from government interventions and programmes. This mindset isn’t the fault of 

youth; it’s a result of the political and bureaucratic nature of previous systems. I once held 

the same view, but I’ve gradually changed and benefited from that change. In reality, unless 

you actively seek opportunities, none will come to you; you must go out and ask.’ 
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4.2.3 Effects of control variables on income: Model 1 

Model 1 examines the baseline relationship between demographic, socioeconomic, and 

household characteristics and the natural logarithm of income among youth (Table 11). 

Several control variables exhibit statistically significant associations with income in this 

baseline specification. 

Sex is negatively associated with income (B = -1.099, SE = 0.455, p < 0.05). Because sex is 

coded as 0 = male and 1 = female, the negative coefficient indicates that female youth earn 

substantially lower incomes than male youth, holding other characteristics constant. When 

the coefficient is transformed from the log scale, the estimate suggests that female youth 

earn approximately 67% less than their male counterparts. This finding reflects persistent 

gender disparities in earnings within the urban labour market.  

Employment status also shows strong associations with income. Compared with 

unemployed youth, those engaged in paid employment earn significantly higher incomes (B 

= 1.590, SE = 0.567, p < 0.01), corresponding to an estimated 390% increase in income. 

Similarly, youth involved in self-employment report significantly higher income levels (B = 

1.286, SE = 0.610, p < 0.05), representing an approximate 262% increase in income relative 

to unemployed youth. In contrast, youth who are not in the labour force earn significantly 

less (B = -2.269, SE = 0.619, p < 0.001), corresponding to an estimated 90% decrease in 

income compared with unemployed youth. 

Exposure to economic shocks is also negatively related to income. Youth who experience 

job loss combined with other shocks report significantly lower incomes (B = -1.624, SE = 

0.534, p < 0.01), corresponding to an estimated 80% reduction in income. Similarly, those 

who experience job loss only earn significantly less (B = -1.163, SE = 0.544, p < 0.05), 

representing an approximate 69% decrease in income relative to youth who experience no 

shocks. 

Other background characteristics, including age, education, years of residence in the 

neighbourhood, parental education, marital status, and non-job shocks, do not reach the 

level of statistical significance in the baseline model. Nevertheless, these variables are 

retained due to their theoretical relevance in the livelihoods and socioeconomic mobility 

literature. 

Overall, Model 1 functions as a theoretical baseline model rather than a parsimonious 

predictive specification. By retaining control variables based on conceptual relevance rather 

than solely statistical significance, the model establishes an appropriate foundation for 

evaluating how the subsequent inclusion of social network composition and functional 

network characteristics alters both the explanatory power of the models and the estimated 

determinants of youth income. 
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Table 11: Unstandardised coefficients (B), standard error (SE), and percentage across the models 

Variable 

Model 1 

Control variables 

Model 2 

Network composition 

Model 3 

Network functions 

B (SE) % change B (SE) % change B (SE) % change 

Constant 
5.845 

(1.681)** 
— 

6.743 
(1.776)*** 

— 
7.044 

(1.829)*** 
— 

Sex 
−1.099 

(0.455)* 
−66.7% 

−0.729 
(0.461) 

−51.8% 
−0.798 

(0.452)† 
−55.0% 

Age 
0.052 

(0.062) 
+5.3% 

0.053 
(0.062) 

+5.4% 
0.059 

(0.061) 
+6.1% 

Education 
0.073 

(0.229) 
+7.6% 

0.105 
(0.229) 

+11.1% 
0.180 

(0.226) 
+19.7% 

Years in neighbourhood 
−0.002 
(0.029) 

−0.2% 
−0.007 
(0.029) 

−0.7% 
−0.022 
(0.029) 

−2.2% 

Father education 
−0.146 
(0.290) 

−13.6% 
−0.137 
(0.285) 

−12.8% 
−0.182 
(0.279) 

−16.6% 

Mother education 
0.495 

(0.322) 
+64.0% 

0.645 
(0.326)* 

+90.6% 
0.638 

(0.321)* 
+89.3% 

Marital status (ref: single) 

Married 
0.553 

(0.597) 
+73.8% 

0.471 
(0.588) 

+60.2% 
0.483 

(0.579) 
+62.1% 

Divorced / separated 
0.451 

(0.918) 
+57.0% 

0.238 
(0.915) 

+26.9% 
0.048 

(0.899) 
+4.9% 

Paid employment 
1.590 

(0.567)** 
+390.4% 

1.749 
(0.571)** 

+474.6% 
1.992 

(0.566)** 
+632.7% 

Employment (ref: unemployed) 

Self-employment 
1.286 

(0.610)* 
+261.8% 

1.468 
(0.607)* 

+334.1% 
1.421 

(0.595)* 
+313.9% 

Not in labour force 
−2.269 

(0.619)*** 
−89.7% 

−2.000 
(0.613)** 

−86.5% 
−1.752 

(0.607)** 
−82.7% 

Shocks (ref: no shock) 

Job loss and other shocks 
−1.624 

(0.534)** 
−80.3% 

−1.838 
(0.556)** 

−84.1% 
−1.426 

(0.572)* 
−75.9% 

Job loss only 
−1.163 

(0.544)* 
−68.7% 

−1.308 
(0.539)* 

−73.0% 
−1.013 

(0.542)† 
−63.6% 

Non-job shock 
0.061 

(0.584) 
+6.3% 

−0.030 
(0.575) 

−3.0% 
−0.030 
(0.566) 

−3.0% 

Multiplexity   
−0.297 

(0.179)† 
−25.7% 

0.147 
(0.250) 

+15.8% 

Proportion kin   
−1.753 

(0.843)* 
−82.7% 

−2.252 
(0.862)* 

−89.5% 

Proportion neighbours   
1.477 

(0.687)* 
+337.9% 

1.425 
(0.685)* 

+315.7% 

Outside Addis Ababa   
2.355 

(1.336)† 
+954.0% 

2.733 
(1.317)* 

+1436.8% 

Financial tie strength     
−0.534 

(0.284)† 
−41.4% 

Skill training in-degree     
−0.266 

(0.142)† 
−23.4% 

Notes: Percentage change calculated as: (e^B − 1) × 100; dependent variable: natural logarithm of income, N = 
166, † p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 
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4.2.4 Social network composition and income (Model 2) 

Model 2 extends the baseline specification by introducing measures of social network 

composition, while retaining all demographic and socioeconomic control variables (see 

Table 11). These variables capture the structural and spatial characteristics of individuals’ 

personal networks and allow us to examine whether the composition of social ties 

contributes to variation in income beyond youth and household attributes. 

Among the control variables, employment status continues to show strong and statistically 

significant associations with income. Compared with unemployed youth, those engaged in 

paid employment earn significantly higher incomes (B = 1.749, SE = 0.571, p < 0.01), 

corresponding to an estimated 475% increase in income. Similarly, youth engaged in self-

employment earn significantly higher incomes (B = 1.468, SE = 0.607, p < 0.05), representing 

an approximate 334% increase in income relative to unemployed youth. Conversely, youth 

who are not in the labour force earn substantially less (B = -2.000, SE = 0.613, p < 0.01), 

corresponding to an estimated 86% decrease in income. Experiencing economic shocks 

also remains negatively associated with income. Youth who experience job loss combined 

with other shocks report significantly lower incomes (B = -1.838, SE = 0.556, p < 0.01), 

corresponding to approximately an 84% reduction in income, while those who experience job 

loss only earn about 73% less income (B = -1.308, SE = 0.539, p < 0.05) compared with those 

reporting no shocks. 

Among the network composition variables, the proportion of kin in one’s network is 

negatively associated with income (B = −1.753, SE = 0.843, p < 0.05), suggesting that 

individuals whose networks are more heavily composed of family members tend to earn 

lower incomes. In percentage terms, a one-unit increase in the proportion of kin ties 

corresponds to an estimated 83% decrease in income, holding other factors constant. This 

pattern may reflect the limited economic diversity or resource redundancy often found in 

tightly knit family networks. 

In contrast, the proportion of neighbours in the network is positively associated with income 

(B = 1.477, SE = 0.687, p < 0.05). This coefficient corresponds to an estimated 337% 

increase in income, suggesting that local neighbourhood ties may facilitate access to 

economic opportunities, information, or support that is relevant to livelihood activities. 

Similarly, the proportion of alters located outside Addis Ababa but within the country shows 

a positive association with income, although the effect is marginally significant (B = 2.355, 

SE = 1.336, p < 0.10). Substantively, this coefficient corresponds to an estimated 954% 

increase in income, indicating that geographically dispersed networks within the country 

may provide access to broader economic resources or opportunities beyond the immediate 

urban context. 

Finally, multiplexity shows a marginally negative association with income (B = −0.297, SE = 

0.179, p < 0.10), corresponding to an estimated 26% decrease in income. This result 
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suggests that highly multiplex ties may reflect stronger but potentially more redundant 

relationships that provide overlapping rather than diverse economic resources. 

Overall, Model 2 indicates that network composition contributes additional explanatory 

insight into income variation, particularly through the types and locations of social ties. The 

results highlight that not all social connections are equally beneficial: while ties with 

neighbours and geographically dispersed contacts appear economically advantageous, 

networks dominated by kin may be associated with lower income outcomes. 

4.2.5 Functional networks and income (Model 3) 

Model 3 further extends the analysis by incorporating functional network characteristics, 

capturing the intensity and direction of resource exchanges within individuals’ personal 

networks (see Table 11). These measures allow us to assess whether the strength and flow 

of support within networks contribute to income outcomes beyond network composition 

and the control variables. 

The effects of the control variables remain broadly consistent with the previous models. 

Employment status continues to be a strong predictor of income. Compared with 

unemployed youth, those engaged in paid employment earn significantly higher incomes (B 

= 1.992, SE = 0.566, p < 0.01), corresponding to an estimated 634% increase in income. 

Similarly, youth involved in self-employment earn significantly higher incomes (B = 1.421, SE 

= 0.595, p < 0.05), representing an approximate 314% increase in income. Conversely, youth 

not in the labour force earn substantially less (B = −1.752, SE = 0.607, p < 0.01), 

corresponding to an estimated 83% decrease in income relative to unemployed youth. 

Economic shocks continue to show negative associations with income. Youth who 

experience job loss combined with other shocks report significantly lower incomes (B = 

−1.426, SE = 0.572, p < 0.05), corresponding to an estimated 76% decrease in income, while 

those who experience job loss only show a marginally significant reduction in income (B = 

−1.013, SE = 0.542, p < 0.10), representing an approximate 64% decrease in income.  

Among the network composition variables retained in Model 3, the proportion of kin ties 

remains negatively associated with income (B = −2.252, SE = 0.862, p < 0.05), corresponding 

to an estimated 90% reduction in income, reinforcing the earlier finding that kin-dominated 

networks may limit access to economically advantageous resources. Conversely, the 

proportion of neighbours in the network continues to show a positive association with 

income (B = 1.425, SE = 0.685, p < 0.05), corresponding to an estimated 315% increase in 

income. Likewise, the proportion of alters located outside Addis Ababa but within the 

country remains positively associated with income (B = 2.733, SE = 1.317, p < 0.05), 

corresponding to an estimated 1,438% increase in income, highlighting the potential 

importance of geographically dispersed ties for accessing economic opportunities. 

With respect to functional network characteristics, two measures show marginally 

significant associations with income. Financial average tie strength is negatively associated 
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with income (B = −0.534, SE = 0.284, p < 0.10), corresponding to an estimated 41% decrease 

in income. This result suggests that reliance on strong financial ties within networks may 

may involve the receipt of compensatory support  in contexts of economic hardship rather 

than mechanisms that directly enhance income generation. Similarly, skills training in-

degree count, referring to the number of individuals from whom respondents receive skills-

related support, shows a marginally negative association with income (B = −0.266, SE = 

0.142, p < 0.10), corresponding to an estimated 23% decrease in income. This pattern may 

reflect the fact that skills-related support is often directed towards individuals who are 

economically vulnerable or attempting to improve their employment prospects. In this 

sense, the negative coefficient may capture a compensatory mechanism within social 

networks, whereby lower-income individuals receive more skills-related assistance. It may 

also indicate that respondents receiving such support are still in the process of acquiring 

skills and have not yet translated them into higher earnings. 

Overall, as Model 3 shows, by looking at the functional characteristics of networks we can 

gain additional insights into  the mechanisms linking social relationships and economic 

outcomes. However, the results also suggest that not all forms of support translate directly 

into higher incomes. Instead, some network exchanges, particularly those involving strong 

financial support, may reflect coping strategies in response to economic vulnerability, rather 

than drivers of economic advancement. 

4.2.6 Migration as a pathway to better livelihoods 

A key theme that emerged from the qualitative interviews is the use of migration as a 

strategy for improving livelihoods. Many inner-city youth living in poverty often consider 

migrating to areas with better opportunities as a way to alleviate their economic struggles. 

However, it is important to note that not all of these youth intend to remain in the places to 

which they migrate. This sentiment was evident in several interviews with youth. One youth 

expressed his strong desire to migrate, stating: 

‘I don’t believe that simply working and saving from my income will improve my life in 

this country. I feel the need to go abroad, work there to earn money, and then come 

back home. It’s quite difficult to meet even our daily needs here. It’s challenging to 

afford lunch and dinner.’ 

Another youth echoed this sentiment, saying: ‘I envision creating a job for myself by going 

abroad, working there for a while, and eventually returning to my country to start my own 

business. That is what I aim to achieve.’ 

However, some youth seemed to have lost any hope of improving their lives, as the following 

quote reveals: ‘Currently, what I want is to leave this country. I don’t think I can work and 

improve my life here, and I’ve completely given up on changing myself in this country. At the 

moment, I’m just trying to stay alive and not harm myself.’ 
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The desperation among some youth leads them to consider illegal migration, even though 

they are aware of the risks involved. They have heard firsthand accounts from others who 

have migrated illegally. One youth remarked: ‘My biggest worry right now is getting caught 

by border authorities while trying to cross the border. I know that if I’m captured, I’ll need to 

pay to be released. All my friends and individuals I know are abroad.’ 

One youth even mentioned thinking about asking for donations on TikTok to fund the 

significant costs associated with illegal migration to European Union (EU) countries, 

estimating that it could cost up to ETB 2.5 million. 

For many others, Middle Eastern countries are their preferred destination, for various 

reasons. One youth noted: ‘I would travel to Arab countries like Saudi Arabia because I have 

heard that construction work is highly needed there. However, I cannot travel to another 

country because I do not have the funds to cover the process.’ Another youth said: ‘Although 

I am unemployed, I hope to complete my education, travel to an Arab country, work there, 

and return to start my own business.’ 

Some youth have attempted to migrate and expressed a willingness to try again. Accounts 

from some individuals revealed that family members supported their migration decisions. 

One youth stated: ‘My uncle and aunt, who have extensive social networks, often inform me 

of potential job opportunities or encourage me to apply. Recently, they suggested Denmark, 

but I did not pursue it because I could not afford the expenses.’ 

Nonetheless, there are youth who retain hope for their country's future and completely reject 

the idea of migrating abroad. One youth explained: ‘I have travelled and observed other 

places. However, if you cannot change yourself in your own country, it is unlikely that you will 

change or improve by moving to another country. In fact, things may even worsen when you 

leave your home.’ 

Other inner-city youth stated that while they do not entirely dismiss the idea of migrating, 

they are unable to do so because legal migration is too expensive and the informal routes 

are too risky. 

4.2.7 Effects of social networks on youth income: synthesis  

The study reveals that both the socioeconomic characteristics and the social network 

structures of youth play important roles in shaping their income. The baseline model shows 

that sex, employment status, and exposure to economic shocks are key determinants of 

income. Female youth earn significantly less than male youth, highlighting persistent gender 

inequalities in the labour market. Employment status emerges as the strongest predictor of 

income, with paid and self-employed youth earning substantially more than unemployed 

youth, while those outside the labour force experience markedly lower incomes. Experiences 

of job loss and related economic shocks are also associated with substantial reductions in 

income, underscoring the vulnerability of youth livelihoods to labour market disruptions. 
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The composition of social networks contributes additional explanatory power to income 

variation. Networks dominated by kin are associated with lower income levels, suggesting 

that family-based networks may provide limited access to diverse economic resources or 

opportunities. In contrast, networks containing a higher proportion of neighbours and 

geographically dispersed contacts are positively associated with income, indicating that 

locally embedded ties and spatially extended networks may facilitate access to employment 

information, economic opportunities, or other forms of livelihood support. 

Finally, the inclusion of functional network characteristics reveals that the types of support 

exchanged within networks also matter, although not always in ways that directly enhance 

income. Strong financial support ties and higher levels of skill-related assistance are 

marginally associated with lower incomes, suggesting that these forms of support may 

function primarily as coping mechanisms for economically vulnerable individuals, rather 

than drivers of income growth. Overall, the findings highlight that both the structure and 

functions of social networks contribute to youth economic outcomes, while also reflecting 

the complex ways in which networks can simultaneously support livelihoods and respond to 

economic hardship. 

4.3 Social networks and employment outcomes among urban youth: evidence 
from Addis Ababa, Ethiopia. 

4.3.1 Comparative performance of nested models  

This sub-section discusses how the MLR improves as new social network variables are 

introduced. A comparison of models demonstrates that the explanatory power of the MLR 

improves substantially as additional sets of predictors are introduced. Model 1, which 

includes only the control variables, already performs significantly better than the intercept-

only model. The likelihood ratio test indicates that the model significantly predicts 

employment status (χ² = 144.080, df = 33, p < 0.001). The −2 log likelihood decreases from 

458.196 in the intercept-only model to 314.116 in the final model, indicating that the 

demographic and socioeconomic control variables account for a significant share of 

variation in employment outcomes. The pseudo R² statistics further indicate that the control 

variables provide a substantial baseline explanation of employment status. Specifically, 

McFadden R² explains 31.4% of the variation, while Cox and Snell R² and Nagelkerke R² 

account for 58.0% and 61.9% of the variation, respectively, suggesting that demographic and 

socioeconomic characteristics alone contribute considerably to explaining differences in 

youth employment outcomes (see Table 12). 

The inclusion of network composition variables in Model 2 leads to a modest but clear 

improvement in model fit. The −2 log likelihood declines further to 298.922, and the 

likelihood ratio test remains highly significant (χ² = 160.661, df = 39, p < 0.001). Compared 

with Model 1, the change in −2 log likelihood (Δχ² = 16.581) indicates that network 

composition contributes additional explanatory power beyond the control variables. This 

improvement is also reflected in the increase in pseudo R² values (McFadden R² rising from 
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0.314 to 0.350 and Nagelkerke R² from 0.619 to 0.662), suggesting that the composition of 

young people’s networks plays an important role in shaping employment outcomes. 

The introduction of functional network characteristics, in Model 3, results in a more 

substantial improvement in the model. The −2 log likelihood decreases further to 270.702, 

and the likelihood ratio test remains statistically significant (χ² = 188.880, df = 48, p < 0.001). 

The reduction in −2 log likelihood relative to Model 2 (Δχ² = 28.219) indicates that functional 

aspects of networks, such as the exchange of advice, mentorship, or other support, add 

considerable explanatory value. Correspondingly, the pseudo R² statistics increase markedly 

(McFadden R² = 0.411 and Cox and Snell R² = 0.725), highlighting that the functional roles 

played by social ties are important determinants of employment status (see Table 12). 

The addition of structural network characteristics in Model 4 further improves model 

performance. The −2 log likelihood declines to 249.890, and the likelihood ratio test remains 

highly significant (χ² = 209.692, df = 54, p < 0.001). The improvement relative to Model 3 

(Δχ² = 20.812) indicates that structural features of social networks –such as network 

configuration and connectivity –provide additional explanatory power beyond both network 

composition and functional dimensions. The pseudo R² values also reach their highest 

levels in this model (McFadden R² = 0.456 and Nagelkerke R² = 0.765), suggesting that 

incorporating structural network measures substantially strengthens the model’s 

explanatory capacity. 

The inclusion of social network variables (Models 2–4) substantially improves the overall 

model beyond what is explained by control variables alone. Comparing Model 1 and Model 

4, the −2 log likelihood decreases from 314.116 to 249.890, representing an additional 

improvement of Δχ² = 64.226 attributable to the inclusion of social network metrics. This 

implies that including social network variables significantly improves the model’s 

explanatory power, indicating that social network metrics explain a substantial additional 

portion of variation in employment status beyond the control variables. Similarly, the 

pseudo-R² statistics indicate a substantial improvement in explanatory power after including 

social network variables. McFadden R² increases from 0.314 to 0.456 (about 45.2% 

improvement), Cox and Snell R² from 0.580 to 0.717 (23.6% increase), and Nagelkerke R² 

from 0.619 to 0.765 (23.6% increase), indicating that social network metrics considerably 

enhance the model’s ability to explain variations in employment status. These results 

demonstrate that while youth characteristics are important predictors of employment status, 

incorporating multiple dimensions of social networks, such as composition, functional 

support, and structural configuration, substantially enhances the model’s ability to explain 

differences in employment outcomes.  

  



LEVERAGING SOCIAL NETWORKS FOR POVERTY REDUCTION: INSIGHTS FROM INNER-CITY YOUTH IN ADDIS ABABA 

© Data & Evidence to End Extreme Poverty  56 

Table 12: Model fit and comparison 

Model comparison 
criteria 

Model 1: control 
variables 

Model 2: 
network 

composition 

Model 3: 
functional 
networks 

Model 4: 
structural 
networks 

−2 log likelihood 
(intercept only) 

458.196 459.582 459.582 459.582 

−2 log likelihood (final 
model) 

314.116 298.922 270.702 249.890 

Likelihood ratio test (χ²) 144.080*** 160.661*** 188.880*** 209.692*** 

Degrees of freedom (df) 33 39 48 54 

Change in −2 log 
likelihood (Δχ²) 

144.080 16.581 28.219 20.812 

Pseudo R²     

McFadden R² 0.314 0.350 0.411 0.456 

Cox and Snell R² 0.580 0.620 0.725 0.717 

Nagelkerke R² 0.619 0.662 0.679 0.765 

*** P < 0.001 

4.3.2 Youth attributes and employment status: Model 1  

4.3.2.1 Likelihood ratio tests for control variables 

The likelihood ratio tests show that sex (χ² = 19.346, p < 0.001) and age (χ² = 63.496, p < 

0.001) are highly significant predictors of employment status, indicating that demographic 

differences play an important role in shaping youth employment status. The respondent's 

education level (χ² = 13.275, p = 0.039) also significantly improves the model, indicating that 

educational attainment is associated with differences in employment outcomes among the 

youth. . In addition, years lived in the neighbourhood (χ² = 9.111, p = 0.028) significantly 

contributes to the model, suggesting that local residential experience may facilitate access 

to employment opportunities through familiarity with the local labour market or social 

connections. Similarly, being born in Addis Ababa (χ² = 7.591, p = 0.055) shows a marginally 

significant association, indicating that local origin may also play a role in shaping 

employment prospects. 

In contrast, several family background variables do not significantly improve model fit (see 

Annex C.5). Parents’ income (χ² = 5.094, p = 0.165), father’s education (χ² = 7.907, p = 

0.245), and mother’s education (χ² = 4.750, p = 0.576) are not statistically significant 

predictors in this model. This suggests that, after accounting for the respondent’s own 

demographic and educational characteristics, parental socioeconomic attributes may have 

a more limited direct effect on current youth employment status. Nevertheless, these 

variables remain theoretically relevant as indicators of family socioeconomic background 

and may still play an indirect role in shaping employment opportunities.  
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4.3.2.2 MLR for control variables 

The results from the MLR model show that several demographic and background 

characteristics shape youth employment outcomes relative to the reference category of 

unemployment. Among these factors, age significantly predicts the likelihood of being 

outside the labour force. The relative risk ratio of 0.591 indicates that, with each additional 

year of age, youth are significantly less likely to remain outside the labour force (such as 

being students or unpaid family workers), rather than being unemployed. This pattern 

suggests that younger individuals are more likely to stay outside the labour market, whereas 

older youth increasingly transition into either unemployment or employment categories as 

they move towards active labour market participation. 

An analysis of gender differences reveals that males have substantially higher odds of 

participating in employment relative to females. Specifically, males are about 4.7 times 

more likely to be paid employees and 12.1 times more likely to be self-employed rather than 

unemployed. There is also weaker evidence that males are more likely than females to be 

outside the labour force. Overall, these results point to considerable gender disparities in 

employment opportunities among youth, with women facing greater barriers to both paid 

employment and self-employment. 

Place of birth also plays an important role in shaping labour market outcomes. Youth who 

were not born in Addis Ababa are about 4.7 times more likely to be paid employees rather 

than unemployed compared with those born in the city, although this relationship is only 

slightly significant (see Table 13). More strikingly, migrants are about 26.8 times more likely 

to be outside the labour force, rather than unemployed. This finding may reflect the 

challenges migrant youth face in adjusting to the urban labour market.. 

Additionally, educational attainment shows a strong association with labour market 

participation. Compared with youth who have completed technical and vocational education 

and training (TVET) or college education, those with only primary education are significantly 

more likely to remain outside the labour force, rather than being unemployed, with a relative 

risk ratio of 18.47. This suggests that limited educational attainment substantially increases 

the likelihood of labour market exclusion. In contrast, secondary education does not 

significantly differentiate employment outcomes from unemployment once other factors are 

controlled for. 

Finally, parental background characteristics show limited influence on youth employment 

outcomes. Parents’ income displays only a marginal association with the likelihood of being 

employed relative to unemployment, while most indicators of parental education are not 

statistically significant. One exception is having a father with no formal education, which is 

associated with a lower likelihood of being outside the labour force rather than unemployed. 

Overall, these findings suggest that individual characteristics, particularly gender, age, 

migration status, and personal educational attainment, play a more decisive role in shaping 

youth employment outcomes than parental socioeconomic background. 
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Table 13: MLR for control variables 

No. Predictor 
Paid employee RRR 

(SE) 
Self-employed RRR 

(SE) 
Not in labour force 

RRR (SE) 

1 Sex: male (vs female) 4.666*** (0.542) 12.106*** (0.638) 3.083* (0.656) 

2 Age 1.023 (0.060) 1.088 (0.071) 0.591*** (0.119) 

3 

Education level: primary 2.027 (0.888) 2.547 (0.919) 18.469** (1.128) 

Education level: 
secondary 

1.001 (0.613) 0.649 (0.639) 0.698 (0.690) 

4 
Not born in Addis (vs 
born) 

4.670* (0.818) 4.621 (0.974) 26.829** (1.448) 

5 Years in neighbourhood 0.952 (0.035) 1.036 (0.043) 1.132 (0.086) 

6 Parents income 1.000* (0.000) 1.000* (0.000) 1.000 (0.000) 

7 
Father education: none 0.890 (0.758) 0.802 (0.906) 0.163* (0.935) 

Father education: primary 1.048 (0.745) 1.701 (0.882) 1.203 (0.747) 

8 

Mother education: none 0.379 (0.924) 0.309 (0.976) 1.132 (0.933) 

Mother education: 
primary 

0.620 (0.861) 0.258 (0.938) 0.754 (0.875) 

Reference categories: employment status = unemployed; sex = female (1); born in Addis Ababa = yes (1); 
education = TVET/college and above (2); father’s education = secondary+ (2); and mother’s education = 
secondary+ (2) 

Significance: *P < 0.1, **P < 0.05, ***P < 0.01 

4.3.3 Youth network composition and employment status: Model 2 

4.3.3.1 Likelihood ratio tests for control variables and network composition 

The likelihood ratio test results for Model 2 show that sex (χ² = 23.308, p < 0.001) and age 

(χ² = 69.036, p < 0.001) remain highly significant predictors, confirming that demographic 

characteristics strongly shape youth employment outcomes. In addition, education level (χ² 

= 15.045, p = 0.020) and years lived in the neighbourhood (χ² = 10.989, p = 0.012) 

significantly improve model fit, indicating that both educational attainment and local 

residential experience are associated with differences in employment status. There is also 

marginal evidence that being born in Addis Ababa (χ² = 6.531, p = 0.088) contributes to 

explaining employment outcomes. 

In contrast, the indicators of family socioeconomic background do not significantly improve 

model fit in this specification. Parents’ income (χ² = 4.652, p = 0.199), father’s education (χ² 

= 9.550, p = 0.145), and mother’s education (χ² = 6.212, p = 0.400) are not statistically 

significant predictors. These results suggest that parental socioeconomic resources have a 

more limited direct association with youth employment status compared with individual 

attributes such as gender, age, and education.  

The addition of network composition variables to Model 2 reveals that social network 

characteristics predict employment outcomes (see Annex C.5). Religious homophily (χ² = 

10.712, p = 0.013) significantly improves model fit, suggesting that the extent to which youth 

maintain network ties with others sharing the same religious background may influence their 

employment prospects. Multiplexity (χ² = 7.466, p = 0.058) shows marginal significance, 
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indicating that relationships serving multiple social functions also play a role in shaping 

employment outcomes. Overall, these findings demonstrate that beyond demographic and 

socioeconomic factors, the composition of young people’s social networks contributes to 

our understanding of variations in employment status. 

4.3.3.2 MLR for control variables and network composition 

The results of the MLR indicate that several control variables continue to show significant 

associations with youth employment status (see Table 14). Gender differences are 

particularly pronounced. Males are substantially more likely than females to participate in 

employment: they are about 6.7 times more likely to be paid employees and 17.8 times more 

likely to be self-employed, rather than unemployed (p < 0.01). Males are also significantly 

more likely to be outside the labour force (RRR = 4.464, p < 0.05). Age does not significantly 

predict paid employment or self-employment, but it strongly reduces the likelihood of being 

outside the labour force (RRR = 0.551, p < 0.01), indicating that older youth are more likely to 

transition into active labour market participation. Migration status also matters. Youth not 

born in Addis Ababa are significantly more likely to remain outside the labour force, rather 

than being unemployed (RRR = 47.818, p < 0.05), suggesting that they face challenges in 

adjusting to, or integrating within, the urban labour market. Educational attainment shows an 

important effect: compared with youth with TVET or college education, those with only 

primary education are far more likely to remain outside the labour force (RRR = 28.615, p < 

0.01), highlighting the risk of labour market exclusion associated with low levels of 

education. Other variables, including parents’ income and most parental education 

indicators, show limited influence on employment outcomes. One exception is that having a 

father with no formal education significantly reduces the likelihood of being outside the 

labour force relative to unemployment (RRR = 0.145, p < 0.05), while there is weak evidence 

that having a mother with primary education reduces the likelihood of self-employment. 

Beyond these background characteristics, the inclusion of network composition variables 

provides additional insight into youth employment outcomes. Multiplexity shows a positive 

and statistically significant association with employment. The relative risk ratio indicates 

that a one-unit increase in multiplex ties increases the likelihood of being a paid employee 

by about 91% relative to being unemployed (RRR = 1.910, p < 0.01). Similarly, multiplexity 

increases the likelihood of self-employment by about 62% (RRR = 1.621, p < 0.10). These 

findings suggest that social ties serving multiple functions – such as providing information, 

advice, or financial assistance – enhance access to employment opportunities. In contrast, 

religious homophily is negatively associated with employment outcomes. Youth whose 

networks are more concentrated around individuals with the same religion are significantly 

less likely to be paid employees (RRR = 0.191, p < 0.10) or self-employed (RRR = 0.214, p < 

0.10), relative to being unemployed. This pattern implies that highly homogeneous religious 

networks may limit access to diverse resources and opportunities that facilitate labour 

market integration. 
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Overall, the findings indicate that while structural factors such as gender, migration status, 

and education remain important determinants of youth labour market outcomes, the 

composition of social networks also plays a meaningful role. In particular, multiplex 

relationships appear to enhance employment prospects, whereas highly homogeneous 

religious networks may constrain access to broader labour market opportunities. 

Table 14: MLR for control variables and network composition 

No. Predictor Paid employee RRR 
(SE) 

Self-employed RRR 
(SE) 

Not in labour force 
RRR (SE) 

Composition variables 

1 Multiplexity 1.910*** (0.249) 1.621* (0.260) 1.387 (0.312) 

2 Religious homophily 0.191* (0.866) 0.214* (0.934) 3.744 (1.203) 

Control variables 

3 Sex: male (vs female) 6.726*** (0.593) 17.800*** (0.690) 4.464** (0.701) 

4 Age 1.035 (0.064) 1.106 (0.074) 0.551*** (0.133) 

5 Education: primary 3.282 (0.938) 3.820 (0.966) 28.615*** (1.183) 

Education: secondary 0.955 (0.638) 0.632 (0.659) 0.773 (0.710) 

6 Not born in Addis (vs born) 2.112 (0.873) 2.518 (0.985) 47.818** (1.656) 

7 Years in neighbourhood 0.939* (0.037) 1.027 (0.044) 1.153 (0.091) 

8 Parents’ income 1.000* (0.000) 1.000* (0.000) 1.000* (0.000) 

9 Father education: none 0.735 (0.798) 0.622 (0.930) 0.145** (0.972) 

Father education: primary 1.014 (0.760) 1.487 (0.887) 1.749 (0.779) 

10 Mother education: none 0.241 (0.983) 0.228 (0.998) 0.845 (0.956) 

Mother education: primary 0.417 (0.908) 0.186* (0.964) 0.486 (0.911) 

Reference categories: employment status = unemployed; sex = female (1); born in Addis Ababa = yes (1); 
education = TVET/college and above (2); father’s education = secondary+ (2); and mother’s education = 
secondary+ (2) 

Significance: *P < 0.1, **P < 0.05, ***P < 0.01 

4.3.4 Youth functional networks and employment status: Model 3 

4.3.4.1 Likelihood ratio tests for control variables, and network composition and functions 

The likelihood ratio test results for Model 3 evaluate the net contribution of functional 

network measures to the MLR model (see Annex C.5). Among the control variables, several 

predictors significantly contribute to explaining variation in employment status. Sex (χ² = 

24.811, p < 0.001) and age (χ² = 73.388, p < 0.001) remain highly significant, indicating that 

gender and life-course stage strongly shape youth labour market outcomes. Education level 

(χ² = 17.549, p = 0.007) also significantly improves the model, suggesting that educational 

attainment differentiates employment prospects. In addition, years lived in the 

neighbourhood (χ² = 8.946, p = 0.030) and being born in Addis Ababa (χ² = 7.999, p = 0.046) 

show statistically significant effects, implying that local embeddedness and place of origin 

may influence access to employment opportunities. Father’s education (χ² = 13.652, p = 

0.034) is also significant, while parents’ income (χ² = 3.776, p = 0.287) and mother’s 

education (χ² = 7.762, p = 0.256) do not significantly improve model fit. 
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The network composition variables also remain important predictors in this model. Religious 

homophily (χ² = 10.670, p = 0.014) and multiplexity (χ² = 9.710, p = 0.021) both significantly 

improve model fit, indicating that the structure and composition of young people’s social 

ties contribute to differences in employment outcomes. These findings suggest that 

employment opportunities may depend not only on individual characteristics but also on the 

social environments in which individuals are embedded. . 

The addition of functional network variables further strengthens the explanatory power of 

the model. The average tie strength of advice or mentorship (χ² = 16.536, p = 0.001) and of 

emotional support (χ² = 8.531, p = 0.036) significantly improve model fit, indicating that the 

quality and strength of supportive relationships play an important role in shaping 

employment outcomes. Advice or mentorship in-degree count (χ² = 7.631, p = 0.054) is 

marginally significant, suggesting that having a larger number of individuals providing advice 

or mentorship may also influence labour market positioning. Together, these findings 

highlight that beyond demographic and compositional factors, the functional characteristics 

of social networks, particularly the strength and availability of supportive ties, play a critical 

role in shaping youth employment outcomes. 

4.3.4.2 MLR for control variables, and network composition and functions  

The results of Model 3, which incorporates functional network variables, indicate that 
control variables, network composition, and the functional roles of social ties jointly shape 
youth employment outcomes, relative to the reference category of unemployment (see   
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Table 15). The effects of the control variables remain broadly consistent with those 

observed in previous models. Gender continues to show a strong association with 

employment status: males are substantially more likely than females to participate in 

employment. Specifically, males are about 6.6 times more likely to be paid employees and 

24.5 times more likely to be self-employed, rather than unemployed (p < 0.01), and they are 

also more likely to be outside the labour force (RRR = 6.580, p < 0.05). Age becomes 

significant for self-employment in this model (RRR = 1.174, p < 0.05), suggesting that older 

youth are more likely to engage in entrepreneurial activities, while it strongly reduces the 

likelihood of being outside the labour force (RRR = 0.513, p < 0.01). Educational attainment 

also remains important: youth with only primary education are far more likely to remain 

outside the labour force compared with those with TVET or higher education (RRR = 54.376, 

p < 0.01). Similarly, youth not born in Addis Ababa are significantly more likely to be outside 

the labour force, rather than unemployed (RRR = 71.853, p < 0.05), indicating continued 

challenges in integrating into the urban labour market. Other background characteristics, 

including parental income and most parental education variables, show limited or 

insignificant effects. 

The effects of network composition remain largely consistent with those observed in Model 

2, although the inclusion of functional network variables slightly modifies their magnitude. 

Multiplexity continues to display a positive association with employment outcomes, 

increasing the likelihood of being both a paid employee (RRR = 1.715, p < 0.10) and self-

employed (RRR = 2.392, p < 0.05), relative to experiencing unemployment. This finding 

reinforces the argument that relationships serving multiple purposes, such as information 

exchange, advice, and financial support, enhance youth access to employment 

opportunities. In contrast, religious homophily remains negatively associated with wage 

employment: youth embedded in more religiously homogeneous networks are significantly 

less likely to become paid employees, rather than unemployed (RRR = 0.161, p < 0.05). This 

pattern suggests that highly homogeneous networks may restrict exposure to diverse 

contacts and labour market opportunities. 

The addition of functional network variables provides further insight into how the specific 

roles of social ties influence employment trajectories. Advice or mentorship in-degree 

significantly increases the likelihood of being outside the labour force rather than 

unemployed (RRR = 1.499, p < 0.05), suggesting that youth receiving advice from a larger 

number of contacts may be more engaged in education, training, or preparatory activities, 

rather than engaging in an immediate job search. At the same time, the strength of advice or 

mentorship ties shows a contrasting effect: stronger advice relationships significantly 

reduce the likelihood of self-employment, relative to unemployment (RRR = 0.222, p < 0.05), 

possibly indicating that close mentorship relationships encourage more structured 

employment pathways, rather than entrepreneurial activities. In contrast, the strength of 

emotional support ties does not show statistically significant effects across employment 

categories, suggesting that emotional support networks may play a more indirect role in 

shaping youth labour market outcomes. 
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Table 15: MLR for control variables, and network composition and functions 

No Variables 
Paid employee 

RRR (SE) 

Self-employed RRR 
(SE) 

Not in labour force 
RRR (SE) 

Functional networks 

1 Advice/mentorship in-degree 1.143 (0.140) 0.943 (0.160) 1.499** (0.179) 

2 Advice/mentorship avg. tie 
strength 

2.674 (0.606) 0.222** (0.701) 0.686 (0.741) 

3 Emotional support avg. tie 
strength 

0.539 (0.423) 1.593 (0.484) 1.878 (0.507) 

Network composition 

4 Homophily religion 0.161** (0.883) 0.313 (0.985) 5.271 (1.365) 

5 Multiplexity 1.715* (0.306) 2.392** (0.364) 0.838 (0.395) 

Control variables 

6 Sex (male=1) 6.572*** (0.601) 24.496*** (0.762) 6.580** (0.755) 

7 Age 1.019 (0.067) 1.174** (0.080) 0.513*** (0.152) 

8 Education: primary  4.315 (0.974) 3.523 (1.055) 54.376*** (1.242) 

Education: secondary  1.155 (0.674) 0.542 (0.725) 0.991 (0.789) 

9 Not born in Addis (vs born) 2.196 (0.899) 1.818 (1.025) 71.853** (1.666) 

10 Years in neighbourhood 0.941 (0.038) 1.022 (0.046) 1.143 (0.090) 

11 Parents income 1.000 (0.000) 1.000 (0.000) 1.000 (0.000) 

12 Father education: none 0.600 (0.819) 0.590 (1.009) 0.064** (1.095) 

Father education: primary  0.876 (0.776) 1.390 (0.951) 1.568 (0.837) 

13 Mother education: none 0.248 (0.976) 0.190 (1.069) 1.370 (1.058) 

Mother education: primary 0.451 (0.901) 0.149* (1.007) 0.698 (0.979) 

Reference categories: employment status = unemployed; sex = female (1); born in Addis Ababa = yes (1); 
education = TVET/college and above (2); father’s education = secondary+ (2); and mother’s education = 
secondary+ (2) 

Significance: *P < 0.1, **P < 0.05, ***P < 0.01 

4.3.5 Youth structural networks and employment status: Model 4 

4.3.5.1 Likelihood ratio tests for control variables, and network composition, functions, 
and structures 

Model 4 presents the full MLR model, incorporating control variables, network composition 

variables, functional networks, and structural network measures. The likelihood ratio tests 

indicate that the control variables significantly improve model fit. In particular, sex (χ² = 

27.629, df = 3, p < 0.001) and age (χ² = 75.068, df = 3, p < 0.001) show strong contributions 

to explaining variation in youth employment outcomes. Educational level also significantly 

improves the model (χ² = 16.194, df = 6, p = 0.013), highlighting the importance of human 

capital in shaping employment trajectories. In addition, years lived in the neighbourhood 

shows a modest but significant contribution (χ² = 8.036, df = 3, p = 0.045), suggesting that 

local embeddedness may facilitate access to opportunities. Father’s educational level is 

also significant (χ² = 13.524, df = 6, p = 0.035), indicating intergenerational influences on 

youth employment outcomes. Being born in Addis Ababa shows marginal significance (χ² = 

6.566, df = 3, p = 0.087), while parents’ income and mother’s educational level do not 
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significantly improve the model. Overall, these findings confirm that demographic and 

socioeconomic characteristics remain important baseline predictors of youth employment 

outcomes. 

Network composition variables continue to make significant contributions in the full model. 

Religious homophily significantly improves model fit (χ² = 10.771, df = 3, p = 0.013), 

suggesting that the degree of similarity among network members in terms of religion 

shapes youth employment outcomes. Similarly, multiplexity remains a significant predictor 

(χ² = 11.017, df = 3, p = 0.012), indicating that ties serving multiple purposes, such as 

information exchange, mentorship, and financial support, enhance young people’s access to 

employment. Functional network variables also show strong effects. Advice/mentorship in-

degree count significantly contributes to the model (χ² = 9.643, df = 3, p = 0.022), indicating 

that receiving advice or mentorship from a larger number of contacts is associated with 

differences in employment outcomes. The average tie strength of advice/mentorship 

demonstrates an even stronger contribution (χ² = 22.495, df = 3, p < 0.001), highlighting the 

importance of strong mentorship relationships. Everage tie strength of emotional support is 

also significant (χ² = 8.890, df = 3, p = 0.031), suggesting that emotionally supportive ties 

play a role in shaping young people’s employment pathways. 

Finally, Model 4 introduces structural network characteristics, which further enhance the 

explanatory power of the model. Among these measures, advice/mentorship network 

density significantly improves model fit (χ² = 15.723, df = 3, p = 0.001), indicating that more 

interconnected mentorship networks may facilitate the diffusion of information, guidance, 

and opportunities. In contrast, information effective size shows marginal significance (χ² = 

6.347, df = 3, p = 0.096), suggesting a weaker but potentially meaningful role for access to 

non-redundant information sources within youth networks. Overall, these results 

demonstrate that not only the composition and functional roles of social ties but also the 

structural configuration of networks contribute to explaining variations in youth employment 

outcomes. 

4.3.5.2 MLR for control variables, and network composition, functions, and structures 

The results from the MLR model incorporating control variables, network composition, 
functional networks, and structural networks provide further insight into how different 
dimensions of social networks shape youth employment outcomes relative to the reference 
category of unemployment. Consistent with earlier models, several individual characteristics 
remain strong predictors of labour market status (see   
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Table 16). The results indicate that males have substantially higher odds of gaining 

employment relative to females. Specifically, males are about 6.1 times more likely to be 

paid employees and 43.4 times more likely to be self-employed, rather than unemployed. 

Males are also about 7.4 times more likely to be outside the labour force. Age also plays an 

important role, particularly for labour force participation. The relative risk ratio of 0.508 for 

the ‘not in labour force’ category indicates that older youth are significantly less likely to 

remain outside the labour market compared with being unemployed, suggesting that labour 

market engagement increases with age. With regard to education, youth with only primary 

education are far more likely to remain outside the labour force, rather than unemployed, 

compared with those with TVET or higher education, indicating that limited education is 

strongly associated with labour market exclusion. In addition, youth not born in Addis Ababa 

are about 42 times more likely to be outside the labour force, rather than unemployed, 

highlighting potential integration challenges faced by migrants in the urban labour market. 

The results also confirm the importance of network composition characteristics. Multiplexity 

remains positively associated with employment outcomes, suggesting that relationships 

serving multiple functions can facilitate access to economic opportunities. Youth with more 

multiplex ties are about 2.1 times more likely to be paid employees and 3.6 times more likely 

to be self-employed, relative to being unemployed. In contrast, religious homophily shows a 

negative association with paid employment. The relative risk ratio of 0.170 indicates that 

having a network composed primarily of individuals from the same religious background 

reduces the likelihood of being a paid employee relative to unemployment. This pattern 

suggests that more socially homogeneous networks may limit access to diverse information 

or opportunities in the labour market, whereas more heterogeneous networks may provide 

broader channels for obtaining employment-related resources. 

With the addition of functional and structural network characteristics to the model, the 

results reveal how the quality, intensity, and structure of social ties shape employment 

outcomes. Stronger advice and mentorship ties significantly increase the likelihood of 

experiencing paid employment, with a relative risk ratio of 4.028, indicating that youth 

embedded in stronger advisory relationships are substantially more likely to obtain wage 

employment, rather than remaining unemployed. However, the same variable is negatively 

associated with self-employment (RRR = 0.157), suggesting that mentorship networks may 

channel youth towards formal employment, rather than entrepreneurial activities. Emotional 

support networks show weaker effects, although there is marginal evidence that stronger 

emotional ties reduce the likelihood of experiencing paid employment.  

Among the structural network measures, the effective size of information is negatively 

associated with being outside the labour force (RRR = 0.599), implying that more structurally 

diverse information networks may encourage labour market participation. In addition, the 

density of advice and mentorship networks shows a strong negative association with paid 

employment, indicating that highly closed mentorship networks may constrain access to 

broader opportunities. Overall, these findings highlight that not only the presence of social 
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ties but also their strength, diversity, and structural configuration play a crucial role in 

shaping youth employment outcomes. 
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Table 16: MLR for control variables, and network composition, functions, and structures 

No. Variables 
Paid employee RRR 

(SE) 
Self-employed 

RRR (SE) 
Not in labour force RRR 

(SE) 

Structural networks 

1 Information effective size 0.903 (0.209) 0.691* (0.215) 0.599** (0.250) 

2 Advice/mentorship density 0.000*** (7.172) 17.396 (3.536) 0.001 (5.815) 

Functional networks 

3 Advice/mentorship in-degree 0.668 (0.309) 1.330 (0.264) 1.564 (0.300) 

4 Advice/mentorship avg. tie 
strength 

4.028** (0.687) 0.157** (0.780) 0.553 (0.803) 

5 Emotional support avg. tie 
strength 

0.459* (0.471) 1.367 (0.501) 2.095 (0.535) 

Composition variables 

6 Homophily (religion) 0.170* (0.941) 0.329 (1.060) 7.488 (1.460) 

7 Multiplexity 2.110** (0.361) 3.563*** (0.435) 1.328 (0.449) 

Control variables 

8 Sex (0 = male) 6.088*** (0.640) 43.420*** (0.866) 7.393** (0.799) 

9 Age 1.034 (0.071) 1.152* (0.082) 0.508*** (0.153) 

10 Education: primary 4.198 (1.008) 6.485 (1.155) 69.600*** (1.285) 

Education: secondary 1.194 (0.699) 0.834 (0.762) 1.544 (0.821) 

11 Born in Addis (No) 1.691 (0.924) 1.495 (1.090) 42.365** (1.664) 

12 Years in neighbourhood 0.944 (0.040) 1.038 (0.050) 1.125 (0.091) 

13 Parents income 1.000* (0.000) 1.000* (0.000) 1.000* (0.000) 

14 Father education: none 0.597 (0.847) 0.396 (1.036) 0.081** (1.124) 

Father education: primary 0.699 (0.813) 0.879 (0.945) 2.039 (0.883) 

15 Mother education: none 0.273 (1.016) 0.200 (1.063) 1.377 (1.087) 

Mother education: primary 0.552 (0.952) 0.169* (0.990) 0.681 (1.030) 

Reference categories: employment status = unemployed; sex = female (1); born in Addis Ababa = yes (1); 
education = TVET/college and above (2); father’s education = secondary+ (2); and mother’s education = 
secondary+ (2) 

Significance: *P < 0.1, **P < 0.05, ***P < 0.01 

4.3.6 Educational qualifications and employability of inner-city youth 

Beyond the statistical trends, the qualitative findings highlight additional aspects of the 

social networks and employment of inner-city youth. The inner-city youth who participated in 

the study have generally completed their education up to 10th grade, with only a few 

managing to obtain a bachelor's degree. Some attended school between the 10th grade and 

university, while only one youth was found to have had no formal schooling. This youth 

migrated to Addis 10 years ago and had received a church education in his place of origin. 

Overall, most inner-city youth possess educational qualifications below that of a university 

or college degree, which limits their eligibility for many jobs that require such qualifications. 

A recurring theme that emerged in several youth interviews is the belief that a lower level of 

education restricts access to better job opportunities and higher salaries. One participant 

emphasised: ‘Employers, including institutions, do not hire young people like me who lack 
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the required education.’ Another youth stated: ‘The main reason I am in this situation is my 

lack of formal education. If I had been educated, I would have been hired for a better-paying 

job. Those who work with me and earn higher salaries are the ones who are educated.’ A 

third participant shared: ‘When I needed to work and realised that job opportunities required 

education, I decided to return to school. This is now my second year since I resumed my 

studies.’ Echoing this sentiment, another interviewee expressed: ‘Because of my low 

education, I have missed many job opportunities. For example, I once got a job as a bus 

ticket officer, but I couldn’t start because I did not meet the educational requirement of 

having completed at least Grade 10.’ 

Many young people abandon their education primarily due to family responsibilities they are 

forced to shoulder at a young age. The immediate cause of this development is often 

financial, stemming from situations such as the death or illness of a parent that forces them 

to leave school to provide support for their families and themselves. Multiple accounts from 

youth highlighted this issue. One participant shared: ‘I wanted to continue my education, but 

I could not find anyone to support me financially. My mother’s income was barely enough to 

cover our basic daily expenses. Even my school uniform was borrowed. We lived in extreme 

poverty.’ Another youth mentioned: ‘I haven’t pursued much education. I attended school up 

to 6th grade, but after my father passed away, I dropped out to support my mother and 

became a taxi driver.’ A third participant explained: ‘My mother suffered a stroke after an 

accident, and I also have a sick brother, so all these responsibilities fell on me.’ 

4.3.7 Diminishing trust in the value of education 

Some youth believe that, to secure a job, the most important asset is social capital, including 

having connections to more influential individuals. One youth stated: ‘For example, many 

educated people in our neighbourhood are known for smoking cigarettes and chewing khat. 

Why is that? Because everything relies on personal networks. If you don’t have someone to 

help you get a job, your education doesn’t matter.’ Another interviewee similarly noted: ‘My 

social connections are very important to me. Nowadays, even if you have a degree, it’s 

challenging to find a job unless someone supports you. So having a network is beneficial for 

obtaining job opportunities.’ This perspective was echoed by both youth without credentials 

who had tried to find work, as well as by those currently in high school. One youth stated: 

‘After completing Grade 11 or 12, I plan to pursue business by taking every available 

opportunity. However, I do not plan to join a university after finishing 12th grade.’ Another 

remarked: ‘I will take any job available. I do not have an interest in continuing my education; 

all I want is to work and help lift myself, my child, and my mother out of poverty.’ 

4.3.8 Mismatch between desired jobs and available opportunities 

Some youth expressed concerns about the mismatch between their education and their 

employment. They reported feeling overqualified for their current job but said they find it 

challenging to change their situation due to the limited opportunities. One youth who is a 
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government employee remarked: ‘My abilities are not being utilised effectively in this job. 

Much of my work is simple office tasks, which do not reflect my education.’ Another youth 

shared similar frustrations about the lack of relevance of their education in their current 

employment. This sentiment, echoed by many inner-city youth, reflects a willingness to 

engage in any kind of work for survival. One female youth remarked: ‘These days, it’s not just 

the uneducated who are struggling; even educated individuals find few job opportunities. So 

we have to take on any work we can find, like washing clothes. I will accept any job to earn 

money.’ Another added: ‘I’m willing to do any work that improves my life, regardless of my 

training.’ 

Inner-city youth face multiple challenges, with financial constraints emerging as the primary 

structural issue. One major challenge is the increasing cost of living due to inflation. Young 

people’s low incomes exacerbate this situation, making it difficult for them to meet basic 

daily needs and even pay their rent. The scarcity of job opportunities adds to their burden, as 

illustrated by the following statement by one youth: ‘Primarily, the lack of permanent jobs is 

the biggest challenge that youth in my locality face.’ 

4.3.9 Types of training Desired 

The range of training desired by inner-city youth includes technical and vocational skills, 

digital competencies, and basic business skills. Overall, these trainings are relevant to 

practical vocational and income-generating activities that enhance individuals’ employability 

and self-reliance through self-employment. The focus on employability is targeted not only 

at domestic opportunities but also at potential employment abroad. Some youth expressed 

an interest in migrating to work where vocational skills are in high demand. One remarked: ‘I 

want to take vocational training because it can help me find work abroad. A friend of mine is 

preparing to go; she initially planned to work in hairdressing. I want to follow a similar path, 

but I also want to get some education first.’ 

Some of the training fields sought by those who have attended university or college indicate 

a desire to build upon their existing knowledge. The list of skills youth seek training in 

includes the following: machine operation, tailoring, photojournalism, computer science, 

software engineering, garment making, customer service or sales, woodwork, metalwork, 

cosmetology, business skills, GIS, cybersecurity, cloud computing, accounting, hairdressing, 

and food preparation and catering. 

4.3.10 Employment-related aspirations 

Inner-city youth demonstrated a level of optimism about their futures, which was evident in 

their accounts of their aspirations. Many stated that they envision having their own business 

or a better-paying job, ultimately leading to an improved quality of life. One youth said: ‘I plan 

to start my own business. Although my current situation is unsatisfactory, I am trying to 

engage in different income-generating activities to fulfil that dream.’ Another youth, who 

reported being interested in a better-paying job, rather than self-employment, remarked: ‘I 
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need a monthly salary of ETB 15,000 to save money and maintain a decent life.’ Yet another 

youth, reinforcing the finding on young people’s desire to engage in self-employment, stated: 

‘My dream is to establish a small tailoring and hairdressing business that I operate from my 

home. I would need to earn ETB 5,000 a month to eventually become independent and 

support my children’. 

A recurring theme in the interviews with inner-city youth regarding their aspirations was that 

their primary motivation for wanting a business or a better-paying job is not only to improve 

their own lives but also to help others in need. One youth stated: ‘I want change, and I am 

working towards it. My child has needs, and it is painful not to be able to meet them. She 

attends a government school, where they provide shoes, a notebook, a uniform, and meals. 

However, we still need to buy soap, pencils, shoes, and other supplies.’ Another youth 

shared: ‘What I truly desire is to transform my life through work, to change myself, and to be 

in a position where I can support others as well.’ A third youth remarked: ‘My biggest hope is 

to make my mother's house more liveable and better, and to help her financially.’ 

Some other aspirations of youth include getting married and starting their own families. One 

youth stated: ‘Within five years, I will definitely get married and have my own baby.’ Another 

added: ‘I want to have a family and raise children. There’s nothing more important to me 

than continuing my lineage through my kids. I have had several opportunities to marry, and I 

own a home that I inherited from my grandmother.’ Others pointed to specific aspirations, 

such as owning their own house or at least having enough income to eliminate worries 

about paying rent. 

4.3.11 Effects of youth social networks on their employment status: synthesis  

The results of the study show that youth employment outcomes are shaped by a 

combination of individual attributes and multiple dimensions of their social networks. The 

baseline model shows that demographic and human capital characteristics, particularly sex, 

age, education, and migration status are key determinants of youth employment status. 

Male youth are substantially more likely than females to engage in both paid employment 

and self-employment, indicating persistent gender inequalities in labour market 

participation. Age also plays an important role in shaping labour market engagement among 

youth: younger individuals are more likely to remain outside the labour force, while older 

youth increasingly transition into employment. Educational attainment further differentiates 

labour market outcomes, with lower levels of education associated with a higher likelihood 

of remaining outside the labour force. In contrast, parental socioeconomic characteristics 

appear to have relatively limited direct effects on youth employment once individual 

attributes are taken into account. 

Beyond individual characteristics, the results highlight the important role of social network 

composition in shaping employment opportunities. Networks characterised by multiplex 

relationships substantially increase the likelihood of both paid employment and self-

employment. Such ties likely facilitate the exchange of diverse resources, including 
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information, advice, and material support, that can help youth access labour market 

opportunities. In contrast, networks characterised by high levels of religious homophily are 

negatively associated with employment outcomes, suggesting that highly homogeneous 

networks may constrain access to diverse contacts and information flows that could 

facilitate job opportunities. 

The inclusion of functional and structural network characteristics further strengthens the 

explanatory power of the model, indicating that not only who individuals know but also how 

their relationships function and how networks are structured are important for 

understanding youth employment outcomes. Strong supportive ties, such as those involving 

the provision of advice, mentorship, or emotional support, significantly contribute to 

explaining employment status, highlighting the importance of resource exchange within 

networks. Overall, the progressive improvement in model fit across the nested models 

demonstrates that incorporating multiple dimensions of social networks, including 

composition, functional support, and structural configuration, substantially enhances our 

understanding of variations in youth employment outcomes beyond what can be explained 

by demographic and socioeconomic factors alone. 

The qualitative findings reveal youth perceptions of social networks as pathways to 

employment opportunities, showing that inner-city youth believe that social networks are 

important for securing jobs. They stated that educational achievement or training alone 

does not guarantee employment. For example, one inner-city youth stated: ‘I applied, but 

they ended up hiring one of their relatives instead. After taking the exams, I was deeply hurt 

by their decision. That moment made me realise that to secure a job in the community, one 

needs connections within the hiring team.’ 

Another youth similarly emphasised the importance of social networks, stating: ‘They help a 

lot. The more people you know from different organisations, the greater your chances of 

finding opportunities.’ 

Another inner-city youth explained: ‘My friend had to assure her boss that I’m honest, 

punctual, and trustworthy. Instead of submitting my resume, she selected me based on my 

personal connections.’ 

Some even expressed regret at not having been able to utilise the power of their social 

networks in the past. One inner-city youth, referring to an NGO operating in his 

neighbourhood, said: ‘If I had continued working with them, I might have had better chances 

because I’m good at building relationships and easily interact with different kinds of people. 

As you grow older, life teaches you many lessons, and you start realising the opportunities 

you missed.’ 

Another youth pointed out that his current job at the woreda office was secured with the 

help of a relative, stating that the relationship was more important than his degree in 

obtaining the position. 
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Some lamented not having influential networks that can help them to secure their desired 

jobs. For example, one inner-city youth stated that he had made numerous unsuccessful 

attempts to get a job in an NGO, where he would be better paid, given his credentials, but his 

contacts were either not influential or not connected to NGO leaders. The perception that 

NGOs employ people with connections was echoed by another youth who had IT-related 

training. 

Some participants stated that ex-classmates and previous employers had been instrumental 

in helping them secure jobs. One youth said: ‘I have been recommended by my previous 

employer through word-of-mouth referrals to higher positions in the local area. Only lower-

level job positions were covered by my network for professional training.’ 

Some reported their belief that even when they met the job requirements in terms of 

qualifications and skills, their employment still depended on others’ opinions of them. One 

participant explained: ‘When I took on a leadership role in the past, it was someone who 

knew me who recommended me. The organisation was specifically looking for a woman 

with a BSc degree, and since I met that requirement, I was given the position. However, I 

believe that my personal connections were more important.’ 
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5 Conclusion and policy recommendations 

This study has examined how social networks shape livelihood resilience, income, and 

employment outcomes among urban youth in the inner city of Addis Ababa, Ethiopia. 

Specifically, it addressed three objectives: mapping youth social networks and their 

implications for resilience and economic opportunities; examining how social networks 

influence youth income; and analysing the effects of social networks on employment 

outcomes. Using a mixed-methods approach that combined a quantitative network survey 

with qualitative interviews, the study provides a comprehensive understanding of both the 

structural characteristics of youth networks and the lived experiences through which social 

ties are mobilised. 

The findings demonstrate that social networks play a central role in shaping youth 

livelihoods, but that their effects vary depending on network structure, composition, and 

function. The study shows that livelihood resilience is strengthened not merely by having 

many social ties, but by maintaining networks that balance structural diversity with socially 

embedded and reliable relationships. Networks characterised by moderate density and 

larger effective size enable access to diverse information and opportunities, while kin-based 

and geographically proximate ties remain critical sources of support during economic 

shocks. The implication of this finding is that resilience emerges from the ability to combine 

bridging ties that expand opportunities with bonding ties that provide dependable support 

during crises. 

The study further reveals that different types of network support perform complementary 

functions. Financial and skills-related support ties, though relatively limited, are important in 

helping youth cope with economic vulnerability, while informational, advisory, and emotional 

support ties are more widespread and deeply embedded in daily social life. High levels of 

multiplexity indicate that many relationships simultaneously provide multiple forms of 

support. This suggests that multiplex ties may enhance youths' potential access to both 

instrumental and emotional resources through the same relationships, which could 

strengthen adaptive capacity under conditions of uncertainty. However, the benefits of 

multiplexity depend on the quality and availability of support within these relationships. 

The study’s findings also show that homophily significantly shapes access to opportunities. 

Strong similarity-based ties, especially along religion, sex, and ethnicity, reinforce trust, 

solidarity, and mutual support within familiar groups. However, such homogeneous 

networks may also constrain access to new information, diverse contacts, and external 

opportunities. The implication of this finding is that while homophilous networks strengthen 

short-term coping and social cohesion, they may limit access to the bridging social capital 

necessary for upward mobility. This finding aligns with social capital theory, particularly the 

distinction between bonding and bridging ties, by demonstrating that networks that promote 

solidarity do not always promote economic advancement. 
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Regarding income, the study finds that both socioeconomic characteristics and social 

networks significantly influence the level of earnings. Persistent gender inequality remains 

evident, with female youth earning less than male youth. Employment status is the strongest 

predictor of income, while economic shocks, such as job loss, substantially reduce earnings. 

Network composition further matters: kin-dominated networks are associated with lower 

incomes, whereas networks with stronger neighbour ties and geographically dispersed 

contacts are associated with higher incomes. The implication of this finding is that the most 

economically beneficial networks are those that extend beyond immediate family and 

connect youth to broader opportunity structures, labour market information, and livelihood 

resources. 

Similarly, employment outcomes are shaped by both individual characteristics and social 

network dynamics. Sex, age, education, and migration status remain important determinants 

of labour market participation, reflecting persistent structural inequalities. Beyond these 

factors, multiplex and supportive ties significantly increase the likelihood of paid 

employment and self-employment by facilitating access to advice, mentorship, and material 

support. In contrast, highly homogeneous networks, particularly those characterised by 

strong religious homophily, are negatively associated with employment outcomes. The 

implication of this finding is that access to diverse and resource-rich networks enhances 

labour market participation beyond what individual characteristics alone can explain. 

This study has some limitations. The cross-sectional design limits the ability to establish 

causal relationships or observe how networks evolve over time. In addition, the research 

focuses on youth in the inner city of Addis Ababa, which may limit the generalisability of the 

findings to other urban or rural contexts. Nonetheless, these limitations do not diminish the 

value of the study, as it provides important empirical evidence on the relationship between 

social networks and youth livelihood outcomes in a context that remains underexplored. 

Future research may benefit from longitudinal approaches that examine how youth networks 

change over time, particularly in response to migration, labour market transitions, and 

economic shocks. Comparative studies across different urban settings may also provide 

deeper insight into how contextual factors shape network effects.  

From a policy perspective, the findings underscore the importance of interventions that 

strengthen youth access to diverse, bridging, and resource-rich networks through 

mentorship programmes, employment platforms, skills training, and community-based 

initiatives. Such interventions can enhance resilience, improve income opportunities, and 

promote more inclusive labour market participation among urban youth. At the same time, 

there is a need to address the broader structural constraints that shape livelihood 

opportunities. Although social networks significantly influence income and employment 

outcomes, their effects remain bounded by persistent gender inequalities, labour market 

barriers, economic vulnerability, and exposure to shocks. Consequently, network-based 

interventions should be complemented by labour market reforms, targeted support for 

vulnerable groups, and the expansion of inclusive economic opportunities. Given that youth 
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networks are heavily concentrated around kin, peers, and geographically proximate contacts, 

policies should intentionally promote bridging social capital by creating opportunities for 

youth to connect with employers, training institutions, professional associations, and other 

opportunity-rich actors through networking platforms, job linkage programmes, and cross-

community engagement initiatives. Particular attention should be given to designing 

inclusive interventions that reduce social closure and ensure that marginalised groups, 

including young women and migrants, are integrated into diverse and resource-rich 

networks. 

The findings further highlight the importance of advisory and mentorship support ties in 

improving employment and income outcomes. As such, policymakers and development 

actors should invest in structured mentorship ecosystems that connect youth with 

experienced professionals, entrepreneurs, and institutional actors, while also promoting 

apprenticeship schemes, cooperative structures, and other mechanisms that combine 

informational, financial, and emotional support within the same relationships. Moreover, the 

highly localised nature of youth networks suggests the need for interventions that expand 

the spatial reach of social connections through digital networking platforms, mobility-

enhancing initiatives, and inter-city exchange programmes. By strengthening both the 

diversity and functionality of youth networks, while addressing underlying structural barriers, 

such interventions can enhance young people’s livelihood resilience, expand their access to 

economic opportunities, and contribute to more inclusive pathways through which they can 

exit urban poverty. 
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Annex A Supplementary materials: mapping 
youth social networks in the inner 
city of Addis Ababa, Ethiopia: 
implications for resilience and 
economic opportunities 

A.1 Description of social network metrics 

Metrics Min Max Short definition 
Direction with better 
social network 

Global metrics 

Multiplexity 0 6 

Average number of distinct 
support domains exchanged 
per ego–alter tie, capturing 
the extent to which 
relationships combine 
multiple social functions. 

Higher: stronger, 
more embedded, 
multifunctional ties. 

Proportion of alters (kin, 
peers, institutions, 
neighbours) 

0 1 

Share of an ego’s network 
composed of a given alter 
type, reflecting social 
composition. 

Balance across 
categories often 
preferable to 
dominance of a 
single type.  

Proportion of location of 
alters (neighbourhood, within 
Addis Ababa, outside Addis 
Ababa but in the country, out 
of the country) 

0 1 

Proportion of alters located in 
each geographic category, 
indicating spatial reach of 
networks. 

Local ties support 
daily needs; distant 
ties may enhance 
opportunities.  

Homophily (sex, age, 
ethnicity, religion, 
employment status) 

0 1 

Proportion of ties in which 
egos and alters share the 
same attribute, capturing 
similarity-based tie formation. 

Lower to moderate 
often advantageous: 
greater diversity and 
bridging potential. 

Relationship-type metrics (calculated for each support type) 

In-degree count 0 
# of 
alters + 
ego-1 

Number of alters from whom 
the ego receives a given type 
of support, capturing access 
to resources. 

Higher: greater 
access to support. 

Out-degree count 0 
# of 
alters + 
ego-1 

Number of alters to whom the 
ego provides a given type of 
support, reflecting helping 
and reciprocity roles. 

Moderate to higher: 
social 
embeddedness (very 
high may indicate 
burden). 

In-degree strength 0 

(# of 
alters + 
ego-1* 
Wmax 

Sum of weighted incoming 
ties for a given support type, 
representing intensity of 
resources received. 

Higher: stronger and 
more reliable 
support. 

Out-degree strength 0 

(# of 
Alters + 
ego-1) * 
Wmax 

Sum of weighted outgoing 
ties for a given support type, 
indicating intensity of 
resources provided. 

Moderate to higher: 
engagement and 
reciprocity 
(excessively high 
may be costly). 
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Average tie strength 0 Wmax 
Mean strength of ties within a 
support domain, summarising 
relational intensity. 

Moderate to high: 
trust and support 
without excessive 
redundancy. 

Effective size 0 # alters 

Number of non-redundant 
alters, indicating access to 
diverse and independent 
sources of support. 

Higher: greater 
diversity and 
informational 
advantage. 

Constraint 0 1 

Degree to which an ego’s 
network is concentrated 
among interconnected alters, 
indicating redundancy. 

Lower: more 
brokerage and 
flexibility. 

Density  0 1 

The proportion of observed 
ties among an ego’s alters 
relative to all possible alter–
alter ties. 

Context-dependent: 
cohesion vs. 
diversity. 

A.2 Distribution of combined network metrics with normality test 
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Annex B Supplementary materials: How social 
networks shape income among urban 
youth in Addis Ababa, Ethiopia 

B.1 Description of key variables  

No. Variables 
Level of 
measurement 

Values 

1 Outcome variable   

 Income  Interval ratio Continuous 

2 Social network measures   

 Multiplexity Interval ratio Continuous 

 
Social composition: proportion (kin, peers, 
institutions, and neighbour) 

Interval ratio Continuous 

 

Spatial composition: proportion 
(neighbourhood, within Addis Ababa, 
outside Addis Ababa but in the country, 
and out of the country) 

Interval ratio Continuous 

 
Homophily: sex, age, religion, ethnicity, 
employment) 

Interval ratio Continuous 

 In-degree count for each support type  Interval ratio Continuous 

 Out-degree count for each support type Interval ratio Continuous 

 In-degree strength for each support type Interval ratio Continuous 

 Out-degree strength for each support type Interval ratio Continuous 

 Avg. tie strength for each support type Interval ratio Continuous 

 Effective size for each support type Interval ratio Continuous 

 Constraint for each support type Interval ratio Continuous 

 Density for each support type Interval ratio Continuous 

3 Control variables    

 Sex  Nominal 
0 = male  

1 = female 

 Age  Interval ratio Continuous 

 Religion  Nominal 

0 = Orthodox Christian  

1 = Muslim  

2 = Protestant 

 Ethnicity Nominal 

0 = Amhara  

1 = Oromo  

2 = Gurage  

3 = Tigray  

4 = Other  

 Marital status Nominal 

0 = single 

1 = married,  

2 = divorced or separated 

 Level of education Ordinal 

0 = primary  

1 = secondary  

2 = TVET/college+ 
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 Employment status Nominal  

0 = unemployed  

1 = paid employee  

2 = self-employed  

3 = not in labour force 

 Were you born in Addis Ababa?  Nominal 
0 = no 

1 = yes 

 Years lived in urban areas Interval ratio Continuous 

 Years lived in this neighbourhood Interval ratio Continuous 

 Do you have children?  Nominal 
= no 

= yes 

 Number of children Interval ratio Discrete 

 Father education  Ordinal  

0 = none  

1 = primary  

2 = secondary+ 

 Mother education  Ordinal 

0 = none  

1 = primary  

2 = secondary+ 

 Father income Interval ratio Continuous 

 Mother income Interval ratio Continuous 

 Parents income Interval ratio Continuous 

 Father employment status Nominal  

0 = unemployed /not working 

1 = business / self-employed  

2 = professional /formal  

3 = skilled manual 

4 = unskilled/agriculture 

5 = deceased / unknown 

 Mother employment status Nominal 

0 = unemployed /not working 

1 = business / self-employed  

2 = professional /formal  

3 = skilled manual 

4 = unskilled/agriculture 

5 = deceased / unknown 

 Have you received skills training? Nominal 
0 = no  

1 = yes 

 Overall health  Ordinal  

0 = very poor  

1 = poor 

2 = fair 

3 = good  

4 = very good  

 Diagnosed with chronic illness? Nominal 
0 = no  

1 = yes 

 Substance use Nominal  

0 = none 

1 =substance use (cigarettes, 
alcohol, khat) 

  Housing type Nominal 

1 = owned  

2 = rented  

3 = other 

 Types of shocks experienced  Nominal 0 = no shock  
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1 = job loss and other shocks  

2 = job loss only  

3 = non-job shocks  

 Living arrangement  Nominal 

0 = dependent family living (with 
parents or relatives)  

1 = married / spouse household 
(with my spouse)  

2 = independent living (by 
myself)  

B.2 OLS diagnosis of assumptions  

B.2.1 Control variables: Model 1 

B.2.1.1 Linearity between predictors and outcome 
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B.2.1.2 Multicollinearity diagnostics  

Variables 
Unstandardised coefficients Standardised coefficients 

t Sig. 

Collinearity 
statistics 

B Std. error Beta Tolerance VIF 

(Constant) 5.845 1.681  3.477 .001   

Sex -1.099 .455 -.179 -2.417 .017 .707 1.414 

Age in years .052 .062 .088 .852 .396 .361 2.769 

Marital status: married .553 .597 .079 .926 .356 .532 1.878 

Marital status: 
divorced/separated 

.451 .918 .037 .491 .624 .698 1.432 

Education .073 .229 .023 .320 .749 .787 1.270 

Employment: paid 1.590 .567 .228 2.807 .006 .591 1.692 

Employment: self 1.286 .610 .175 2.107 .037 .565 1.771 

Employment: not in labour force -2.269 .619 -.325 -3.667 .000 .496 2.017 

Years in neighbourhood -.002 .029 -.005 -.063 .950 .656 1.525 

Shocks: non-job .061 .584 .008 .104 .917 .721 1.387 

Shocks: job loss and other -1.624 .534 -.234 -3.043 .003 .656 1.524 

Shocks: job loss only -1.163 .544 -.164 -2.139 .034 .663 1.509 

Father’s education -.146 .290 -.039 -.503 .616 .657 1.523 

Mother’s education .495 .322 .116 1.537 .126 .680 1.471 
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B.2.1.3 Homoscedasticity of residuals 
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B.2.1.4 Normality of residuals 
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B.2.2 Network composition: Model 2 

B.2.2.1 Linearity between predictors and outcome 
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B.2.2.2 Multicollinearity diagnostics 

 
Unstandardised coefficients 

Standardised 
coefficients t Sig. 

Collinearity statistics 

B Std. error Beta Tolerance VIF 

(Constant) 6.743 1.776  3.798 .000   

Sex -.729 .461 -.119 -1.583 .115 .658 1.521 

Age in years .053 .062 .089 .860 .391 .344 2.909 

Marital status: married .471 .588 .068 .802 .424 .523 1.911 

Marital status: divorced/separated .238 .915 .019 .260 .795 .671 1.491 

Education .105 .229 .032 .461 .646 .751 1.331 

Years in neighbourhood -.007 .029 -.019 -.245 .806 .614 1.629 

Employment: paid 1.749 .571 .250 3.063 .003 .555 1.801 

Employment: self 1.468 .607 .200 2.419 .017 .545 1.835 

Employment: not in labour force -2.000 .613 -.286 -3.265 .001 .482 2.073 

Shocks: non-job -.030 .575 -.004 -.052 .959 .710 1.408 

Shocks: job loss and other -1.838 .556 -.265 -3.304 .001 .576 1.735 

Shocks: job loss only -1.308 .539 -.184 -2.426 .016 .642 1.557 

Father education -.137 .285 -.036 -.480 .632 .648 1.544 

Mother education .645 .326 .151 1.976 .050 .633 1.581 

Multiplexity -.297 .179 -.111 -1.663 .098 .836 1.196 

Proportion kin -1.753 .843 -.144 -2.079 .039 .777 1.288 

Proportion of alters in the 
neighbourhood 

1.477 .687 .148 2.150 .033 .785 1.274 

Proportion outside Addis Ababa 
but in the country 

2.355 1.336 .132 1.763 .080 .665 1.503 
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B.2.2.3 Homoscedasticity of residuals 
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B.2.2.4 Normality of residuals 
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B.3 Network function: Model 3 

B.3.1 Linearity between predictors and outcome 
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B.3.1.1 Multicollinearity diagnostics  

Variable 
Unstandardised coefficients 

Standardised 
coefficients t Sig. 

Collinearity statistics 

B Std. Error Beta Tolerance VIF 

(Constant) 7.044 1.829  3.850 .000   

Sex -.798 .452 -.130 -1.765 .080 .655 1.526 

Age in years .059 .061 .100 .977 .330 .341 2.929 

Marital status: married .483 .579 .069 .835 .405 .518 1.930 

Marital status: divorced/separated .048 .899 .004 .053 .958 .667 1.500 

Education .180 .226 .055 .798 .426 .740 1.351 

Years in neighbourhood -.022 .029 -.059 -.757 .451 .593 1.686 

Employment: paid 1.992 .566 .285 3.519 .001 .542 1.844 

Employment: self 1.421 .595 .193 2.389 .018 .544 1.837 

Employment: not in labour force -1.752 .607 -.251 -2.886 .004 .472 2.120 

Shocks: non-job -.030 .566 -.004 -.054 .957 .702 1.424 

Shocks: job loss and other -1.426 .572 -.206 -2.491 .014 .522 1.914 

Shocks: job loss only -1.013 .542 -.143 -1.870 .063 .611 1.636 

Father education -.182 .279 -.049 -.653 .515 .646 1.549 

Mother education .638 .321 .150 1.987 .049 .627 1.595 

Multiplexity .147 .250 .055 .588 .558 .411 2.433 

Proportion kin -2.252 .862 -.185 -2.612 .010 .713 1.403 

Proportion of alters in the 
neighbourhood 

1.425 .685 .143 2.080 .039 .758 1.320 

Proportion outside Addis Ababa 
but in the country 

2.733 1.317 .153 2.075 .040 .657 1.523 

Financial average tie strength -.534 .284 -.131 -1.883 .062 .741 1.350 

Skill training in-degree count -.266 .142 -.197 -1.881 .062 .324 3.088 
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B.3.1.2 Homoscedasticity of residuals 
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B.3.1.3 Normality of residuals 
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Annex C Supplementary materials: social 
networks and employment outcomes 
among urban youth: evidence from 
Addis Ababa, Ethiopia. 

C.1 Description of key variables used in MLR 

No. Variables 
Level of 
measurement 

Values 

1 Outcome variables   

 Employment status Nominal  

0 = unemployed  

1 = paid employee  

2 = self-employed  

3 = not in labour force 

2 Social network measures   

 Multiplexity Interval ratio Continuous 

 
Social composition: proportion (kin, 
peers, institutions, and neighbour) 

Interval ratio Continuous 

 

Spatial composition: proportion 
(neighbourhood, within Addis Ababa, 
outside Addis Ababa but in the country, 
and out of the country) 

Interval ratio Continuous 

 
Homophily: sex, age, religion, ethnicity, 
employment) 

Interval ratio Continuous 

 In-degree count for each support type  Interval ratio Continuous 

 Out-degree count for each support type Interval ratio Continuous 

 
In-degree strength for each support 
type 

Interval ratio Continuous 

 
Out-degree strength for each support 
type 

Interval ratio Continuous 

 Avg. tie strength for each support type Interval ratio Continuous 

 Effective size for each support type Interval ratio Continuous 

 Constraint for each support type Interval ratio Continuous 

 Density for each support type Interval ratio Continuous 

3 Control variables    

 Sex  Nominal 
0 = male  

1 = female 

 Age  Interval ratio Discrete 

 Religion  Nominal 

0 = Orthodox Christian  

1 = Muslim  

2 = Protestant 

3 = Other 

 Ethnicity Nominal 

0 = Amhara  

1 = Oromo  

2 = Gurage  

3 = Tigray  
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4 = Other  

 Marital status Nominal 

0 = single 

1 = married,  

2 = divorced or separated 

 Level of education Ordinal 

0 = primary  

1 = secondary  

2 = TVET/college+ 

 Were you born in Addis Ababa?  Nominal 
0 = no 

1 = yes 

 Years lived in urban areas Interval ratio Continuous 

 Years lived in this neighbourhood Interval ratio Continuous 

 Do you have children?  Nominal 
= no 

= yes 

 Number of children Interval ratio Discrete 

 Father education  Ordinal  

0 = none  

1 = primary  

2 = secondary+ 

 Mother education  Nominal 

0 = none  

1 = primary  

2 = secondary+ 

 Parents income Interval ratio Continuous 

 Father employment status Nominal  

0 = unemployed /not working 

1 = business / self-employed  

2 = professional /formal  

3 = skilled manual 

4 = unskilled/agriculture 

5 = deceased / unknown 

 Mother employment status Nominal 

0 = unemployed /not working 

1 = business / self-employed  

2 = professional /formal  

3 = skilled manual 

4 = unskilled/agriculture 

5 = deceased / unknown 

 Have you received skills training? Nominal 
0 = no  

1 = yes 

 Overall health  Ordinal  

0 = very poor  

1 = poor 

2 = fair 

3 = good  

4 = very good  

 Diagnosed with chronic illness? Nominal 
0 = no  

1 = yes 

  Housing type Nominal 

1 = owned  

2 = rented  

3 = other 

 Types of shocks experienced  Nominal 

0 = no shock  

1 = job loss and other shocks  

2 = job loss only  
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3 = non-job shocks  

 Substance use Nominal  

0 = none 

1 = substance use (cigarettes, 
alcohol, khat) 

 Living arrangement  Nominal 

0 = dependent family living (with 
parents or relatives)  

1 = married / spouse household 
(with my spouse)  

2 = Independent living (by myself)  

C.2 Approaches to screening control variables  

N
o 

Control variables 
Likelihood 

ratio test (P < 
0.25) 

Multicollinearit
y test (VIF < 

10) 

Most 
theoretically  

relevant 
Final inclusion 

1 Sex Yes Yes Yes Included 

2 Age Yes Yes Yes Included 

3 Ethnicity No No No Excluded 

4 Religion Yes Yes No Excluded 

5 Education Yes Yes Yes Excluded 

6 Marital status Yes No No Excluded 

7 Have children?  Yes No No Excluded 

8 Number of children owned Yes Yes Yes Excluded 

9 Housing type No No No Excluded 

10 Living arrangement Yes Yes No Excluded 

11 Born in Addis? Yes Yes Yes Included 

12 Years in neighbourhood  Yes Yes Yes Included 

13 Years in urban  No No No Excluded 

14 Father income Yes No No Excluded 

15 Mother income No No No Excluded 

16 Parents income Yes Yes Yes Included 

17 Father education Yes Yes Yes Included 

18 Mother education Yes Yes Yes Included 

19 Father job Yes Yes No Excluded 

20 Mother job Yes Yes No Excluded 

21 Overall health Yes Yes No Excluded 

22 Diagnosed chronic illness No No No Excluded 

23 Type of shocks experienced No No No Excluded 

24 Received skill? Yes Yes No Excluded 

25 Type of substance use Yes Yes Yes Excluded 
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C.3 Approaches to screening social network measures  

No. Social network metrics  Chi-square df P < 0.20 

Network composition 

1.  Multiplexity 5.601 3 0.133 

2.  Kin 5.929 3 0.115 

3.  Peers 6.103 3 0.107 

4.  Institutions 6.982 3 0.072 

5.  Homophily_employment 134.548 3 0.000 

Functional networks 

6.  Financial in-degree count 9.108 3 0.028 

7.  Financial out-degree count  6.532 3 0.088 

8.  Financial in-degree strength  14.995 3 0.002 

9.  Financial avg. tie strength 6.134 3 0.105 

10.  Information in-degree strength 8.759 3 0.033 

11.  Information avg. tie strength  7.6 3 0.055 

12.  Advice/ mentorship in-degree count  6.745 3 0.080 

13.  Advice/ mentorship out-degree count 7.656 3 0.054 

14.  Advice/ mentorship in-degree strength 13.036 3 0.005 

15.  Advice/ mentorship avg. tie strength  10.268 3 0.016 

16.  Skill training in-degree count 13.840 3 0.003 

17.  Skill training in-degree strength 14.223 3 0.003 

18.  Skill training avg. tie strength  8.741 3 0.033 

19.  Emotional support in-degree count  5.563 3 0.135 

20.  Emotional support in-degree strength 9.071 3 0.028 

21.  Networks in-degree count 6.211 3 0.102 

22.  Network in-degree strength  13.770 3 0.003 

23.  Network avg. tie strength  14.009 3 0.003 

Structural networks 

24.  Financial effective size 11.656 3 0.009 

25.  Financial constraint  7.351 3 0.062 

26.  Financial density  8.061 3 0.045 

27.  Information density  4.920 3 0.178 

28.  Advice/ mentorship effective size 8.729 3 0.033 

29.  Advice/ mentorship constraint 12.251 3 0.007 

30.  Advice/ mentorship density 13.407 3 0.004 

31.  Skill training effective size 14.296 3 0.003 

32.  Skill training constraint  6.704 3 0.082 

33.  Skill training density 5.336 3 0.149 

34.  Emotional support effective size  6.973 3 0.073 

35.  Emotional support constraints  11.093 3 0.011 

36.  Emotional support density  11.808 3 0.008 

37.  Network effective size 6.865 3 0.076 
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C.4 Collinearity diagnostics, using multiple linear regressions  

C.4.1 Control variables: Model 1  

 
Unstandardised coefficients Standardised coefficients 

t Sig. 
Collinearity statistics 

B Std. error Beta Tolerance VIF 

(Constant) 4.144 .508  8.151 .000   

Age in years -.090 .018 -.410 -5.143 .000 .771 1.297 

Years in neighbourhood .018 .013 .133 1.445 .150 .578 1.730 

Sex -.499 .169 -.220 -2.955 .004 .888 1.126 

Born in Addis -.559 .244 -.197 -2.293 .023 .666 1.502 

Mother education .021 .131 .013 .157 .876 .709 1.411 

Father education .233 .120 .167 1.937 .054 .658 1.521 

Three education categories -.248 .131 -.151 -1.894 .060 .776 1.289 

Parents income -2.391E-008 .000 -.002 -.024 .981 .969 1.032 

C.4.2 Network composition: Model 2 

Predictors 
Unstandardised coefficients 

Standardised 
coefficients t Sig. 

Collinearity statistics 

B Std. error Beta Tolerance VIF 

(Constant) 3.562 .685  5.197 .000   

Age in years -.086 .018 -.389 -4.794 .000 .738 1.356 

Years in neighbourhood .016 .013 .115 1.248 .214 .570 1.755 

Sex -.542 .170 -.239 -3.187 .002 .866 1.154 

Born in Addis -.453 .257 -.159 -1.763 .080 .596 1.679 

Mother education .046 .132 .029 .349 .728 .691 1.447 

Father education .244 .122 .175 2.005 .047 .639 1.566 

Education categories -.272 .133 -.165 -2.046 .042 .749 1.334 
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Multiplexity -.013 .093 -.013 -.144 .886 .554 1.807 

Homophily_Religion .032 .251 .009 .128 .898 .944 1.059 

Advice_Mentorship_InDegree_Count .070 .043 .127 1.632 .105 .807 1.240 

Advice_Mentorship_Avg_Tie_Strength -.170 .172 -.095 -.989 .324 .521 1.918 

Emotional_support_Avg_Tie_Strength .209 .125 .161 1.665 .098 .520 1.923 

Parents income -6.657E-008 .000 -.005 -.067 .947 .952 1.050 

C.4.3 Functional networks: Model 3 

Predictors 
Unstandardised coefficients 

Standardised 

coefficients t Sig. 
Collinearity statistics 

B Std. error Beta Tolerance VIF 

(Constant) 3.562 .685  5.197 .000   

Age in years -.086 .018 -.389 -4.794 .000 .738 1.356 

Years in neighbourhood .016 .013 .115 1.248 .214 .570 1.755 

Sex -.542 .170 -.239 -3.187 .002 .866 1.154 

Born in Addis -.453 .257 -.159 -1.763 .080 .596 1.679 

Mother education .046 .132 .029 .349 .728 .691 1.447 

Father education .244 .122 .175 2.005 .047 .639 1.566 

Education categories -.272 .133 -.165 -2.046 .042 .749 1.334 

Multiplexity -.013 .093 -.013 -.144 .886 .554 1.807 

Homophily_Religion .032 .251 .009 .128 .898 .944 1.059 

Advice_Mentorship_InDegree_Count .070 .043 .127 1.632 .105 .807 1.240 

Advice_Mentorship_Avg_Tie_Strength -.170 .172 -.095 -.989 .324 .521 1.918 
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Emotional_support_Avg_Tie_Strength .209 .125 .161 1.665 .098 .520 1.923 

Parents income -6.657E-008 .000 -.005 -.067 .947 .952 1.050 

C.4.4 Structural networks: Model 4 

Predictors 
Unstandardised coefficients 

Standardised 
coefficients t Sig. 

Collinearity statistics 

B Std. error Beta Tolerance VIF 

(Constant) 3.096 .761  4.067 .000   

Age in years -.087 .018 -.397 -4.950 .000 .734 1.362 

Years in neighbourhood .015 .013 .112 1.225 .222 .567 1.764 

Sex -.577 .168 -.254 -3.425 .001 .860 1.163 

 Born in Addis -.442 .255 -.156 -1.736 .085 .588 1.702 

Mother education .054 .131 .034 .415 .679 .684 1.462 

Father education .236 .120 .169 1.961 .052 .636 1.573 

Education categories -.257 .131 -.156 -1.958 .052 .746 1.341 

Multiplexity .074 .100 .075 .739 .461 .463 2.159 

Homophily_Religion .025 .248 .007 .099 .921 .939 1.065 

Advice_Mentorship_InDegree_Count .191 .066 .348 2.922 .004 .333 3.006 

Advice_Mentorship_Avg_Tie_Strength -.182 .170 -.102 -1.068 .287 .519 1.928 

Emotional_support_Avg_Tie_Strength .189 .124 .146 1.531 .128 .518 1.930 

Information_Effective_Size -.127 .056 -.253 -2.274 .024 .382 2.620 

Advice_Mentorship_Density .950 .849 .105 1.119 .265 .540 1.851 

Parents income -2.069E-008 .000 -.001 -.021 .983 .952 1.051 
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C.5 Likelihood ratio tests 

C.5.1 Control variables: Model 1 

Effect 
Model fitting criteria Likelihood ratio tests 

-2 log likelihood of reduced model Chi-square df Sig. 

Intercept 314.116a .000 0 . 

Sex 333.462 19.346 3 .000 

Age 377.613 63.496 3 .000 

Education level 327.391 13.275 6 .039 

Whether the ego was born in Addis 
Ababa 

321.707 7.591 3 .055 

Years the ego lived in the 
neighbourhood 

323.227 9.111 3 .028 

Parents income 319.211 5.094 3 .165 

Father educational level 322.024 7.907 6 .245 

Mother educational level 318.866 4.750 6 .576 

C.5.2 Control variables and network composition: Model 2 

No. Effect 
Model fitting criteria Likelihood ratio tests 

-2 log likelihood of reduced model Chi-square df Sig. 

 Intercept 298.922a .000 0 . 

Network composition variables  

1 Homophily religion 309.634 10.712 3 .013 

2 Multiplexity 306.388 7.466 3 .058 

Control variables  

3 Sex 322.230 23.308 3 .000 

4 Age 367.957 69.036 3 .000 

5 Education level 313.967 15.045 6 .020 
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6 Whether the ego was born in Addis 305.453 6.531 3 .088 

7 Years the ego lived in in the neighbourhood 309.911 10.989 3 .012 

8 Parents income 303.574 4.652 3 .199 

9 Father educational level 308.472 9.550 6 .145 

10 Mother educational level 305.134 6.212 6 .400 

C.5.3 Control variables, and network composition and functions: Model 3 

Effect 
Model fitting criteria Likelihood ratio tests 

-2 log likelihood of reduced model Chi-square df Sig. 

Intercept 270.702a .000 0 . 

Functional networks  

Advice/mentorship in-degree count 278.333 7.631 3 .054 

Advice/mentorship avg. tie strength 287.238 16.536 3 .001 

Emotional support avg. tie strength 279.233 8.531 3 .036 

Network composition variables  

Homophily religion 281.372 10.670 3 .014 

Multiplexity 280.412 9.710 3 .021 

Control variables  

Sex 295.513 24.811 3 .000 

Age 344.090 73.388 3 .000 

Education level  288.251 17.549 6 .007 

Whether the ego was born in Addis 278.701 7.999 3 .046 

Years the ego lived in in the neighbourhood 279.648 8.946 3 .030 

Parents income 274.478 3.776 3 .287 

Father educational level 284.354 13.652 6 .034 

Mother educational level 278.464 7.762 6 .256 
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C.5.4 Control variables, network composition, functions, and structures: Model 4  

Effect 
Model fitting criteria Likelihood ratio tests 

-2 log likelihood of reduced model Chi-square df Sig. 

Intercept 249.890a .000 0 . 

Structural networks  

Information effective size 256.238 6.347 3 .096 

Advice/mentorship density 265.613 15.723 3 .001 

Functional networks 

Advice/mentorship in-degree count 259.534 9.643 3 .022 

Advice/mentorship avg. tie strength 272.385 22.495 3 .000 

Emotional support avg. tie strength 258.780 8.890 3 .031 

Network composition variables 

Homophily_Religion 260.661 10.771 3 .013 

Multiplexity 260.907 11.017 3 .012 

Control variables  

Sex 277.519 27.629 3 .000 

Age 324.958 75.068 3 .000 

Educational level  266.084 16.194 6 .013 

Whether the ego was born in Addis 256.456 6.566 3 .087 

Years the ego lived in in the neighbourhood 257.926 8.036 3 .045 

Parents income 254.533 4.643 3 .200 

Father educational level  263.414 13.524 6 .035 

Mother educational level  257.401 7.511 6 .276 

 


